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Introduction
Goals of the Research

The research began in 2012 to analyze the stability of student scores in content
connected test sequences from grade 6 to grade 12. The big question being explored in this
study is whether regional data warehouse student performance on previously taken tests
could predict future performance with a high degree of confidence. If regional longitudinal
data correlations between tests justify predictions for similar students, regional data
warehouses could begin identifying expected future performance of students based upon the
performance of similar students in the past.

A second level group of issues for this research includes the identification of the
assessments that are linked together in predictable sequences or paths. Asking, are there
any paths that connect one departmental discipline to another in a highly correlated way?
Given that historically based projections might be used to identify student future performance
and set Annual Professional Performance Review (APPR) related targets, can future
performance be established and projected with a higher rate of successful prediction?

Factors

Historically, testing score scales on the English Language Arts and Mathematics testing
program for grades 3 through 8, and the Regents testing program have not been aligned.

1 The grades 3 to 8 testing scales historically have been based on 400-point testing
scales, and the related assessments were designed upon the principles of Item
Response Theory (IRT).

1 The secondary level Regents tests have historically been constructed with a 100-point
scale and although Regents test questions have a variable range of difficulty and are
not uniformly aligned with the grade 3 through 8 IRT tests.

Doing a correlation analysis that explores the stability of scores from the lower to the upper
testing system required the translation of test scores to a test scale that would allow for
accurate comparisons.

Another challenge facing this analysis is the changes that were introduced to the NYS
testing program since 2009.In 2010, a new standard was set for establishing leveled
performance for the English Language Arts and Mathematics testing program for grades 3 to
8. When the changes were announced in the summer of 2010, the bottom of level 3 was
equated with fAcoll egeénarediud aarad emtr diadillegsxso and
cut-point was identified for the English and Mathematics Regents tests.

In 2013 the standard based definition changed again with the introduction of the
Common Core ELA3-8 and Mathematics 3-8 NYS Assessments. These factors required that
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an alternate comparable scale to be developed for scores, and all scores had to be adjusted
to the 2010 or the 2013 standard determined by the test scores being analyzed.

Benefits of this Research and Related Historical Based Reporting

If regional historical data can be used to accurately project student future performance,
a significant benefit will be the potential to lesson unnecessary baseline testing for the
purposes of setting future performance targets.

As students transition from grade 8 to the high school grades, there is no simple way
to establish benchmarks for where studentsostarting-points on the major skills in most high
school cour ses. Under pr essur eperfomnandestargetsforp A AP |
teachers and students, many schools have developed Fall Baseline Tests that use Regents
testing questions, relating to the course that they are entering into. If it can be document that
historically based projections are accurate, teachers and students can avoid Fall Baseline
Tests. The fairest projection of student performance on the NYS assessments is found in the
performance between similar students who historically scored in the same score range, and
who are in the same non-status or status groups (Students with Disabilities, English
Language Learners and Low Income).

Historically grounded projections, of student performance, could also be used as a
valuable counseling and instructional tool. If students are in danger of failing a future course,
counseling steps can be taken to prepare students for the best outcomes. Response to
Intervention (RTI)protocol could be implemented to help the student avoid the worst outcome.
As major skills are identified in each testing program, these programs are linked to major
skills in later tests. Accessing historical data might allow teachers to address specific skill
opportunities before s t u d gerformance falters.

Accurate student projections are based upon the use of historical data of similar
students. This data is most easily obtained through data collection, via a regional data
warehouse. Therefore, the research and analysis conducted by Eastern Suffolk BOCES
justifies the beginning of a new reporting system based upon the use of regional historical
data which supports rational planning for students and schools.
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File Construction and Layout

The continuing regional correlation research conducted in the summer of 2015 had to adjust

to the challenge of the test refusal movement in 2015 and still provide the basis of validly

projecting reasonable growth expectations for students based upon prior performance. The

regional correlation research had to be extended to document the strong correlations

between grade 6 and 7 ELA and Math performance with ELA and Mathematics Regents

performance several years later. If strong correlations between ELA-7 and Common Core

English performancecould be documented English -Gpagowudbd be
English-8 results to project English Regents future performance. The following research also
documents strong correlations between Math-6 and Math-7 to Common Core Algebra in two

to three years later.

The organization of our regional correlation files had to be adjusted to document these longer
term correlations to recent Common Core Regents Assessments in ELA and Math. As a
result, 6 different regional correlation files were constructed to support this research project.
The first research file contained student records starting with the 2011 ELA-7 exam scores.
Included on each line of data are the same individual studenté scores in grade 8 through
grade 11lexams with a focus on English and Science assessments. In order to be included in
this longitudinal data file, students had to have scores in three or more years of this
sequence. The number of student cases included in the complete file used to study English
and Science correlations was 24,576. This first file was used to analyze the correlations
between English tests, most Science tests (with the exception of Physics) and the
relationship between Global History and U.S. History.

The second research file contained student records starting with the 2012 ELA-7 exam
scores. Included on each line of data are the same individual studentd scores in grade 8
through grade 10 exams in 2015 with a focus on just English assessments in grades 7 and 8
and grade 10 Global History in 2015.In order to be included in this longitudinal data file,
students had to have scores in at least one of the two ELA tests and the Global History
Regents in grade 10. This longitudinal research file was used to study correlations between
the ELA7, ELA8 and the Global Regents Assessment in its most recent year (2015). The
number of student cases in this file was20,055.

The third research file contained student records starting with the 2013Math-6exam scores.
Included on each line of data are the same individual student& scores in grades7and 8 in
2015 with a focus on just Math assessments in grades 6 and 7 culminating in the grade 8
Common Core Algebra in 2015.In order to be included in this longitudinal data file, students
had to have scores in at least one of the two Math tests and the 2015 Algebra Regents in
grade 8. This research file was used to study correlations between both Math-6, Math-7 and
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the Algebra Regents Assessment among grade 8 students. This file was considered
necessary because most students taking Algebra in grade 8 had a higher profile of
performance than Algebra in grade 9. The number of student cases in this file was 20,359.

The fourth research file contained student records starting with the 2012Math-6exam scores.

Included on each line of data are the same individual studenté math scores in grades7and 8

in 2013 and 2014 along with grade 9 Common Core Algebra or Common Core Geometry

scores in 2015. In order to be included in this longitudinal data file, students had to have

scores in at least one of the three Math6-8 tests and one or both of the Algebra and

Geometry Regents Assessments in grades 8 or 9. This research file was used to study two
correlatonfipat hs o . fBetween the Math6-8 Assessments and the Algebra

Regents Assessment. The ot her correlation fipatho analyze
between Algebra scores in grade 8 and Geometry scores of the same students in grade 9.

The number of student cases in this file was16,956.

The fifth research file contained student records starting with the 2012Math-7exam scores.
Included on each line of data are the same individual studentd math scores in grades8 in
2013 along with grade 9 Common Core Algebra in 2014 and grade 10 Common Core
Geometry scores in 2015. In order to be included in this longitudinal data file, students had to
have scores in at least one of the two Math7-8 tests and the Algebra test in grade 9 and the
Geometry Regents score in grades 10. This research file was considered necessary to study
the correlations between Algebra and Geometry in grade 9 and 10 when students are thought
to have a lower profile of performance. The number of student cases in this file was12,443.

The sixth research file contained student records starting with students who took Chemistry in
either 2013 or 2014 and then took the Physics Regents Exam in 2015. This file was
necessary because the number of students in the first correlation file who took the three or
four Science exams between grade 8 and 11 and then took Physics was too few to support
valid correlation analysis and projections based upon historically similar students. The
number of student cases in this file was6,902.

"m
Services  Regional Correlation Analysis & Research



Test Scores Included in File 1 from 2011-2015
2011 ELA-7

2011 Math-7

2012 ELA-8

2012 Math-8

2012 Science-8

2012 Grade 8 Living Environment Regents
2012 Grade 8 Earth Science Regents

2013 Pre CC Grade 9 Integrated Algebra
2013 Pre CC Grade 9 Geometry

2013 Grade 9 Living Environment Regents
2013 Grade 9 Earth Science Regents

2014 Pre CC Grade 10 Integrated Algebra
2014 Pre CC Grade 10 Geometry

2014 Grade 10 Living Environment Regents
2014 Grade 10 Earth Science Regents
2014 Grade 10 Chemistry Regents

2014 Grade 10 Global History Regents
2014 Grade 10 U.S. History Regents

2014 Grade 10 English Regents

2015 Grade 11 Algebra 2 Trigonometry
2015 Grade 11 Living Environment Regents
2015 Grade 11 Earth Science Regents
2015 Grade 11 Chemistry Regents

2015 Grade 11 Global History Regents
2015 Grade 11 U.S. History Regents

2015 Grade 11 English Regents

Test Scores Included in File 2 from 2011-2015
2012 ELA-7

2013 ELA-8

2015 Grade 10 Global History Regents

Test Scores Included in File 3 from 2011-2015
2012Math-7

2013 Math-8

2014 CC Grade 9 Algebra

2015 CC Grade 10 Geometry

Test Scores Included in File 4 from 2011-2015
2013 Math-7

2014 Math-8

2014 CC Grade 8 Algebra

2015 CC Grade 9 Geometry

Test Scores Included in File 5 from 2011-2015
2013 Math-6

2014 Math-7

2015 CC Grade 8 Algebra

Test Scores Included in File 1 from 2011-2015
2013 Grade 10 Chemistry Regents

2014 Grade 11 Chemistry Regents

2015 Grade 12Physics Regents
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Student Demographics and Relevant Control Variables
NYS Student Identification Number

School District

Middle School Name

High School Name

Gender

Ethnicity

Poverty Status

LEP Status

Disability Status

Establishing Common Levels and Scales

The 2010 Shift in ELA3-8 and Math3-8 Performance Levels

In 2010, after administration of the ELA3-8 and Math3-8 Assessments, NYS announced a
redefinition of performance levels. The per f or mangaei rweeapplies tofthe u t
2008 and 2009 scores in the longitudinal data file to calculate student performance levels so
that the earlier student scores could be compared with later scores. The 2010 scale score
ranges applied as performance level definitions to 2008 ELA-7 and Math-7 scores and to

2009 ELA-8 and Math-8 scores follow.

2009 ELA-7 2009 Math-7

Level 1 =47071 641 Level 1 =50071 638
Level 2 =642 1 663 Level 2 =639 1 669
Level 3=6641 697 Level 3 =670 - 693
Level 4 =698 1 790 Level 4 =694 1 800
2010 ELA-8 2010 Math-8

Level 1 =43071 626 Level 1 =48071 638
Level 2 =627 1 657 Level 2 =639 71 672
Level 3 =65871 698 Level 3=67371 701
Level 4 =699 171 790 Level 4 =702 - 775

The 2013 Shift in ELA3-8 and Math3-8 Performance Levels

In 2013, with the introduction of Common Core ELA3-8 and Math3-8 Assessments, NYS
introduced new performance levels that were not equated with prior performance levels. In
support of this research project, a separate multi-year longitudinal Suffolk County file was
created in August of 2013 that included 2011 grade 6; 2012 grade 7, and 2013 grade 8 scale
score performance for students on both NYS ELA and Mathematics Assessments. The
analysis of the data file found the equivalent scores on the pre-Common Core ELA and Math
assessments for each of the new Common Core levels. The analysis was confirmed when
NYSED released a translation table for translating new scores to old levels which could be
used for RTI/AIS identification. The translation table was used to convert Math-7 and Math-8
from the years 2008 and 2009 to Common Core performance levels. The translation was
only necessary in 2013 for Math-7 and Math-8 scores because scores fromthisyear 6 s 201 3
Math-7 and Math-8 will be scaled to the Common Core levels are used to project Integrated
Algebra results in grades 8 and 9.
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The 2015 projections for the English Regents using results from the ELA-8 will use data from

2012 prior to the introduction of the Common Core standards. The pr oj ecti ons f or
Global History will be based upon the 2013 Common Core ELA-8 results. The historical

correlation analysis to support these grade 10 Global History projections were based upon

conversion of 2010, 2011 and 2012 ELA-8 scores to their equivalent Common Core

equivalent scale score and their related leveled percentile scores. Math-7 and Math-8 scale

scores in the data file were recoded to equivalent Common Core scale scores and Common

Core performance levels were calculated. The 2013 and 2014 ELA-8, Math-7 and Math-8

scale score ranges and their equivalent scale score ranges on earlier ELA-8, Math-7 and

Math-8 tests follow.

2013/2014 Common Core Math-7 Scores Equivalent Pre CC Math-7 Scores
Level 1 =13371 292 Level 1 =50071 672

Level 2 =29417 321 Level 2 =673 1 696

Level 3=32471 346 Level 3 =697 - 718

Level 4 =349 71 390 Level 4 =71971 800
2013/2014 Common Core Math-8 Scores Equivalent Pre CC Math-8 Scores
Level 1 =1197 286 Level 1 =48071 668

Level 2 =288171 321 Level 2 =669 71 697

Level 3=32371 345 Level 3=6981 716

Level 4 =3497 394 Level 4 =717 - 775
2013/2014 Common Core ELA-8 Scores Equivalent Pre CC ELA-8 Scores
Level 1 =1007 283 Level 1 =4307 648

Level 2 =284171 315 Level 2 =649 71 666

Level 3=316171 342 Level 3=6671 683

Level 4 =343 7 417 Level 4 =684 71 790

Calculation of Comparable fiLeveledo Scal es
Scale score ranges related to performance levels on the grades 3 to 8 testing system and the
secondary level Regents tests have different ranges for each level. A correlation analysis
that compared movement using the 100-point scale of the Regents tests being compared to
the 300 or 400 point scales of the earlier tests would distort the significance of relative
movement within the levels. In order to correlate results between the two testing systems,
scores from all tests were converted to a comparable scale. The scale chosen to convert all
test scores to a level-based percentile score with 25 points is available in each performance
level. The conversion of the Regents performance levels to level percentile score levels is
based upon the following translation table for Science and Social Studies.

Science and Social Studies Regents Equivalent Level Percentile
Scale Scores Scale Scores
Level1=171 54 Level1=17 24
Level 2 =557 64 Level 2 =257 49
Level 3=6571 84 Level 3=5071 74
Level 4 =857 100 Level 4 =75 -100
J STUDENT  Eastern Suffolk BOCES, Student Data Services Page 9

Services  Regional Correlation Analysis & Research



When NYS announced the college ready expectations for the English Regents, the
equivalent to the bottom of level 3 on the new ELA-8 assessment was a score of 75 on the
English Regents test. As a result, the conversion of the English Regents performance levels
to level percentile score levels is based upon the following translation table.

English Regents Equivalent Level Percentile
Scale Scores Scale Scores

Level1=171 54 Level1=17 24

Level 2 =557 74 Level 2 =257 49
Level3=7571 84 Level3=50171 74

Level 4 =851 100 Level 4 =75 -100

Likewise, the college ready expectation for the Math Regents tests, the equivalent to the
bottom of level 3 on the new Math-8 assessment was a score of 80 on math Regents test.
As a result the conversion of all mathematics Regents performance levels to level percentile
score levels is based upon the following translation table.

Math Regents Equivalent Level Percentile
Scale Scores Scale Scores

Level1=171 54 Level1=171 24

Level 2 =557 79 Level 2 =257 49

Level 3=80171 89 Level3=50171 74

Level 4 =907 100 Level 4 =75 -100

Mathematics Common Core Regents
Scale Score Raig®s pfoo IPr ifomia PriooMath Regents
171 19

20 - 38

39-54

55-62

63-70

71-79

80 - 82

83171 86

871 89

9071 93

9471 96

97 - 100
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Identifying Correlations i English

After computing leveled Percentile Scale Scores for each of the tests from grade 7 to grade
12 using the SPSS Modeler, the first step in identifying the degree of correlation between

English Regents scores in grade 11 and prior tests was an ordinal correlation analysis

student position within performance levels on the ELA-7 and following English tests. This
tabular analysis indicated that student performance levels on following tests were significantly
aligned with prior performance levels.

Next, a factor analysis was conducted to explore the correlations of student scores on the
ELA-7 and ELA-8 Assessments and all following Regents Assessments regardless of the
content. The initial correlation analysis indicated that degree of correlation between scores
was largely dependent on the assessments being in the same discipline. English was highly

correlated from the ELA-7, through the ELA-8 (ELA-7 to ELA-8 r =.792 to the English

Regents (ELA-8 to English Regents in grade 11 r = .686). Correlations between
assessments in different disciplines (English to Math, Math to Science) were significant, but
lower (r coefficients ranging from .4 to .55).

Correlation Matrix

Mew CC
ELAT11 Level
P-Score

Mew CC
ELAS12 Level
P-Score

Earth
Scienced13
Level P-Score

Living
Environment1
014 Level P-

Score

Global
History1014
Level Mew P-

Score

English1115
Level Mew P-
Score

Geometryd 01
4 Level New
P-Scare

Carrelation

Mew CC ELAT11 Level P-Score

Mew CC ELAB1T2 Level P-Score

Earth Scienced13 Level P-Score
Living Environment1014 Level P-Score
Glohal History1014 Level Mew P-Score
English1115 Level Mew P-Score
Geometry1014 Level Mew P-Score

1.000
792
354
AG0
(G6E
672
260

792
1.000
a74
AT3
692
66
.280

354
a74
1.000
692
649
423
607

AB0
AT73
692
1.000
699
498
600

GE6
692
548
599
1.000
738
ABT

672
.GEE
423
498
738
1.000
430

260
.290
607
600
ABT
430
1.000

There was one exception to this rule. The correlations between English and Social Studies
assessments were very strong. These assessments were judged to be correlated because
they test many of the same cognitive skills despite the additional focus on content knowledge
in the Social Studies tests. The correlation between ELA-8 and the grade 10 Global History
Regents was .692. The Global History Regents in grade 10 was also strongly correlated with

the grade 11 English Regents (.738). Based upon this information the next step in the

analysis was a Factor Analysis to explore the strength of the relationship between students
taking just the ELA-8 and the grade 11 English Regents, followed by a similar analysis of
ELA-8 and grade 10 Global History Regents scores. There were 3,096 students who took
the ELA-8 in 2012 and the Common Core English Regents 3 years later in grade 11. The
projections of Global History scores were done with ELA8 scores converted to ELA-8
Common Core scale and leveled percentile scores based upon the translation table on page

7 above.

J STUDENT  55iern Suffolk BOCES, Student Data Services
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Factor Analysis 1 ELA-8 to English Regents Common Core

Factor Analysis i ELA-7 to English Regents Common Core

« DAT

Correlation Matrix
English1115 Mew CC
Level New P- ELAB1Z Level
Score P-Score
Correlation English1115 Level Mew P-Score 1.000 686
Mew CC ELABT 2 Level P-Scare 686 1.000
Sig. (1-tailed)  English1115 Level Mew P-Score .00a
Mew CC ELAST 2 Level P-Score 000
Communalities
Initial Extraction
English1115 Level Mew P-Score 1.000 843
Mew CC ELAST 2 Level P-Score 1.000 843

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.686 84.304 84.304 1.686 54.304 54.304
2 314 15.696 100.000

Extraction Method: Principal Component Analysis.

Extraction Method: Principal Component Analysis.

Total Variance Explained

Correlation Matrix
Mew CC English1115
ELAT11 Level Level Mew P-
P-Score Score
Correlation Mew CC ELAT11 Level P-Score 1.000 672
English11145 Level Mew P-Score B72 1.000
Sig. (1-tailed)  Mew CC ELAT11 Level P-Score 000
English1115 Level New P-Score 000
Communalities
Initial Extraction
Mew CC ELAT11 Level P-Score 1.000 836
English1115 Level Mew P-Score 1.000 836

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component | Total % of variance | Cumulative % Tatal % of ariance | Cumulative %
1 1.672 B3.622 B3.622 1.672 B3g22 B3.g22
2 328 16.378 100.000

Extraction Method: Principal Component Analysis.
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Factor Analysis i ELA-8 (Common Core) to Global History Regents

Correlation Matrix
Global
History1 014 Mew CC
Level Mew P- | ELAB12 Level
Score P-Score
Carrelation Global History1 015 Level
New P-Score 1.000 692
Mew CC ELAB12 Level P-
Scare a2 1.000
Sig. (1-tailed)  Global History1 015 Level 000
Mew P-Score '
Mew CC ELABT2 Level P-
Score .0oo
Communalities
Initial Extraction
Glokal History10158 Level
New P-Score 1.000 846
MNew CC ELAS12 Level P-
Score 1.000 B46

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.692 84576 B4.576 1.692 84.576 B4.576
2 .a0g 15.424 100.000

Extraction Method: Principal Component Analysis.

Factor Analysis i ELA-7(Common Core) to Global History Regents

Correlation Matrix
Global
History1015 MNew CC
Level Mew P- | ELAT12 Level
Score P-Score
Correlation Global History1015 Level
Mew P-Score 1.000 666
Mew CC ELAT12 Level P-
Score BEB 1.000
Sig. (1-tailed)  Global History1015 Level
Mew P-Score 000
Mew CC ELAT12 Level P-
Score 000
Communalities
Initial Extraction
Global History1015 Level
Mew P-Score 1.000 833
MNew CC ELAT12 Level P-
Score 1.000 B33

Extraction Method: Principal Compaonent Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.666 83.304 83.304 1.666 83.304 83.304
2 334 16.696 100.000

Extraction Method: Principal Compaonent Analysis.
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Factor Analysis 1 Global History Regents to Common Core English Regents

[bataSetl] F:%ESBCOCESYZO015-16YELANELATEoELALICCHE | sav

Correlation Matrix
Glohal
English1114 History1014
Level Mew P- Level Mew P-
Scare Score
Correlation English1115 Level Mew P-Scare 1.000 .Faa
Global History1014 Level Mew P-Score 738 1.000
Sig. (1-tailed);  English1115 Level Mew P-Score .0oo
Global History1014 Level Mew P-Score oo
Communalities
Initial Extraction
English1115 Level Mew P-Score 1.000 869
Global History1 014 Level Mew P-Score 1.000 865

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.738 286,891 26,891 1.738 a86.891 286,891
2 262 13.108 100.000
Extraction Method: Principal Component Analysis.
Factor Analysis 7 Global History Regents to U.S. History Regents
Correlation Matrix
Global s
History1014 History11156
Level Mew P- Level New P-
Score Score
Correlation Global History1014 Level
New P-Score 1.000 T8
IJS History1115 Level
New P-Score 781 1.000
Sig. (1-tailed)  Global History1014 Level
Mew P-Score 000
IJS History1115 Level
Mew P-Score 000
STUDENT  E55tern Suffolk BOCES, Student Data Services Page 14
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Partial Correlation Analysis i English

Although the initial analysis of the relationship between ELA-8 and English-11 scores
indicated that they were strongly related, we wanted to ensure that this relationship held true
for students with special statuses. A partial correlation analysis was done to evaluate the
strength of the relatedness of English scores among Students with Disabilities (SWD),
Limited English Proficient (LEP) students and low-income students. The following SPSS
analysis tables indicates that the relationship between the ELA-8 and following Global History
and English-11 scores is quite strong for all status groups. There were 2,039 disabled
students who took both the ELA-8 and the Common Core English Regents in grade 11.
There were 437 LEP students who took both the ELA-8 and the grade 11 Common Core
English Regents three years later. There were 4,580 low-income students who took the ELA-
8 in 2012 and the Common Core English Regents in grade 11 in 2015. For the purposes of
this analysis we have converted 2012 ELA-8 scores to their Common Core equivalent scores
using the translation table published by the NYSED in 2013.

A comparable partial correlation analysis was conducted on the scores of students who took
both the ELA-7 Assessment in 2011 and the new Common Core English Regents in 2015.
There were 368 ELL students who took both of these tests. There were 1,994 students with
disabilities who took the 2015 Common after taking the ELA-7four years earlier. There were
4,369 low income students who took both the ELA7 Assessment and the new English
Common Core Regents in 2015.

ELA-8 to the Grade 11 Common Core English Regents among Students with
Disabilities

Correlation Matrix®

Enaglish1115 Mew CC
Level Mew P- ELAS12 Level

Score P-Scora
Correlation English1115 Level Mew P-Score 1.000 B17
Mew CC ELAB12 Level P-Score B17 1.000
Sig. (1-tailec)  English1115 Level New P-Score .0oo

Mew CC ELAB1 2 Level P-Score .000

a. Only cases for which Disability=1 are used in the analysis phase.

Communalities®

Initial Extraction
English1115 Level Mew P-Scora 1.000 808
Mew CC ELAB12 Level P-Score 1.000 808

Extraction Method: Principal Component Analysis.

a. Only cases for which Disability=1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Sguared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.617 80.830 80.830 1617 80.830 80.830
2 383 19170 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability=1 are used in the analysis phase.
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ELA-8 to the Grade 11 Common Core English Regents among English Language

Learners
Correlation Matrix®

Enaglish1115 MNew CC
Level Mew P- ELAZ12 Level

Score P-Score
Correlation English1115 Level Mew P-Score 1.000 470
Mew CC ELAS12 Level P-Score 470 1.000
Sig. (1-tailed)  English1115 Level New P-Score .0oa

Mew CC ELABT2 Level P-Score 000

a. Only cases forwhich Limited English Proficient=1 are used in the analysis
phase.

Communalities®
Initial Extraction
English1114 Level Mew P-Score 1.000 T35
Mew CC ELAB12 Level P-Score 1.000 735

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=
1 are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.470 73.482 73.482 1.470 73482 73482
2 530 26.518 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

ELA-8 to the Grade 11 Common Core English Regents among Low Income Students

Correlation Matrix®

Correlation

Sig. (1-tailed)

English1115 Level Mew P-Score
Mew CC ELABT 2 Level P-Score
English1115 Level Mew P-Score
Mew CC ELABT 2 Level P-Score

English1115 Mew CC
Level Mew P- ELAB1Z Level
Score P-Score

1.000 LGB0
BE0 1.000
.00o
.000

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®
Initial Extraction
English1115 Level Mew P-Score 1.000 B30
Mew CC ELABT 2 Level P-Score 1.000 B30

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income =1 are used in
the analysis phase.

Total Variance Explained?

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofWariance | Cumulative % Total % ofWariance | Cumulative %
1 1.660 83.024 83.024 1.660 83.024 83.024
2 340 16.976 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used inthe analysis phase.
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ELA-7 to the Grade 11 Common Core English Regents - Students with Disabilities

ELA-7 to the Grade 11 Common Core English Regents i English Language Learners

Correlation Matrix

a

MNew CC English1115
ELAT11 Level Level Mew P-
P-Score Score
Correlation Mew CC ELAT11 Level P-Score 1.000 588
English1115 Level Mew P-Score Bag 1.000
Sig. (1-tailed)  Mew CC ELAT11 Level P-Score 000
English1115 Level Mew P-Score .000

a. Only cases for which Disahbility = 1 are used in the analysis phase.

Communalities™
Initial Extraction
Mew CC ELATTY Level P-Scare 1.000 7594
English1115 Level Mew P-Score 1.000 794

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disahbility=1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.588 79.396 79.396 1.588 79.396 79.396
2 412 20.604 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability = 1 are used inthe analysis phase.

Correlation Matrix®

Mew CC English1115
ELA711 Level Level Mew P-

P-Score Score
Correlation Mew CC ELAT11 Level P-Score 1.000 4482
English1115 Level Mew P-Score 482 1.000
Sig. (1-tailed) MNew CC ELAT11 Level P-Score 001

English1115 Level New P-Score 001

a. Only cases for which Limited English Proficient= 1 are used in the analysis

phase.

Communalities™

Initial Extraction
Mew CC ELAT11 Level P-Score 1.000 GO6
English1115 Level Mew P-Score 1.000 696

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=
1 are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.392 69.606 69.606 1.382 69.606 69.606
2 608 30.394 100.000

« DAT

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.
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ELA-7 to the Grade 11Common English Regents among Low Income Students

Correlation Matrix®

Mew CC English1115
ELAT11 Level Level New P-

P-Score Score
Carrelation Mew CC ELAT11 Level P-Score 1.000 Lalit]
English1115 Level Mew P-Score (668 1.000
Sig. (1-tailed)  Mew CC ELAT11 Level P-Score .0oo

English1115 Level Mew P-Scare .ooo

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®

Initial Extraction
MNew CC ELAT11 Level P-Score 1.000 834
English1115 Level New P-Score 1.000 834

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.668 83.395 83.395 1.668 83.385 83395
2 332 16.605 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.

ELA-8 to Grade 10 Global History Regents among Students with Disabilities

Correlation Matrix®

Glohal
History1015 Mew CC
Level Mew P- | ELAS12 Level
Score P-Score
Correlation Global History1015 Level
Mew P-Scora 1.000 607
r;lf;\;eCC ELAB12 Level P- 507 1000
Sig. (1-tailed)  Global History1015 Level 000
Mew P-Score :
Mew CC ELAB12 Level P-
Score 000

a. Only cases for which Disahility=1 are used in the analysis phase.

Communalities®
Initial Extraction
Global History1015 Level
Mew P-Score 1.000 -804
Mew CC ELAST 2 Level P-
Seore BV 1.000 804

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disahility=1 are usedin
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.607 80.355 80.355 1.607 80.355 80.355
2 383 19.645 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability=1 are usedin the analysis phase.
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ELA-8 to the Grade 10 Global History Regents among
English Language Learners
The partial correlations of ELA-8 and Grade 10 Global History Regents scores indicate that

the correlations between the tests are not as strong for English Language Learners.

Correlation Matrix®

Global
History1 015 Mew CC
Level New P- | ELAB12 Level
Score P-Score
Carrelation Global History1015 Level
MNew P-Score 1.000 505
Mew CC ELAB12 Lavel P-
Score 505 1.000
Sig (1-tailed)  Global History1015 Level
MNew P-Score -000
MNew CC ELAS12 Level P-
Score 0oo

a. Only cases for which Limited English Proficient=1 are used in the analysis
phase

Communalities®

Initial Extraction
Global History1015 Level
New P-Scare 1.000 748
Mew CC ELAS12 Level P-
Score 1.000 749

Extraction Method: Principal Component Analysis.

a. Only cases for which Limitzd English Proficient=
1 are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Companent Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.488 74914 74914 1.498 74914 74914
2 502 26.086 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Limited Enalish Proficient=1 are used in the analysis phase.

ELA-8 to the Grade 10 Global History Regents among Low-Income Students

Correlation Matrix®
Global
History1 015 Mew CC
Level Mew P- | ELAS12 Level
Score P-Score
Correlation Global History1015 Level
MNew P-Score 1.000 642
Mew CC ELAS12 Level P-
Score 652 1.000
Sig. (1-tailed)  Global History1015 Level 000
Mew P-Score :
Mew CC ELAB12 Level P- 000
Score :
a. Only cases for which Low-Income = 1 are used in the analysis phase.
Communalities®
Initial Extraction
Glohal History1014 Level
MNew P-Score 1.000 828
Mew CC ELAB12 Level P-
Seare 1.000 826
Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used
inthe analysis phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.652 82.619 82,619 1.662 82,619 82,619
2 348 17.381 100.000
Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used in the analysis phase.
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ELA-7 to Grade 10 Global History Regents among Students with Disabilities

Correlation Matrix™
Global
History1015 Mew CC
Level New P- ELAT12 Level
Score P-Scaore
Correlation Global History1015 Level
New P-Score 1.000 590
MNew CC ELAT12 Level P-
Score 590 1.000
Sig. (1-tailed)  Global History1015 Level 000
MNew P-Score
Mew CC ELAT12 Level P-
Secore 000
a. Only cases for which Disability= 1 are used inthe analysis phase
Communalities®
Initial Extraction
Global History1 015 Level
Mew P-Score 1.000 795
Mew CC ELAT12 Level P-
Score 1.000 795
Extraction Method: Principal Component Analysis.
a. Only cases for which Disability=1 are usedin
the analysis phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Componant Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.580 79.520 79.520 1.580 79.520 79.520
2 410 20.480 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability= 1 are used inthe analysis phase

ELA-7 to the Grade 10 Global History Regents among
English Language Learners
The partial correlations of ELA-7 and Grade 10 Global History Regents scores indicate that

the correlations between the tests are not as strong for English Language Learners.

Correlation Matrix*

Global
History1015 MNew CC
Level Mew P- | ELAT12 Level
Score P-Scaore
Correlation Global History1015 Level
New P-Score 1.000 510
Mew CC ELAT12 Level P-
Score 10 1.000
Sig. (1-tailed)  Global History1 015 Level 000
Mew P-Score
Mew CC ELAT12 Level P-
Score oo

a. Only cases for which Limited English Proficient= 1 are used in the analysis
phase.

Communalities®

Initial Extraction
Global History1015 Level
New P-Score 1.000 755
Mew CC ELAT12 Level P-
Score 1.000 755

Extraction Method: Principal Component Analysis

a. Only cases for which Limited Enaglish Proficient=
1 are usedin the analysis phase

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.510 T5.513 76.513 1.510 75513 76.513
2 .490 24.487 100.000

Extraction Method: Principal Component Analysis
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

"m
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ELA-7 to the Grade 10 Global History Regents among Low-Income Students

Correlation Matrix™

Global
History1 015 Mew CC
Level Mew P- | ELAT12 Lavel
Score P-Score
Caorrelation Global History1015 Level
Mew P-Score 1.000 G449
MNew CC ELAT12 Level P-
Score 649 1.000
Sig. (1-tailed)  Global History1015 Level 000
MNew P-Score .
MNew CC ELAT12 Level P-
Score 000

a. Only cases forwhich Low-Income =1 are used in the analysis phase.

Communalities®

Initial Extraction
Global History1015 Level
MNew P-Score 1.000 825
Mew CC ELAT12 Level P-
Score 1.000 825

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income =1 are used
in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Taotal % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.644 82.465 82.465 1.644 82.465 82.465
2 351 17.635 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income =1 are used inthe analysis phase.

Grade 10 Global History Regents and Common Core English Regents Correlations
among Students with Disabilities

Correlation Matrix®
Global
English1115 History1014
Level Mew P- Level Mew P-
Score Score
Caorrelation English1115 Level New P-Score 1.000 SBT3
Global History1014 Level Mew P-Score SBT3 1.000
Sig. (1-tailed)  English1115 Level Mew P-Score .0oo
Global History1 014 Level Mew P-Score .00o
a. Only cases for which Disahility= 1 are used in the analysis phase.
Communalities®
Initial Extraction
English1115 Level Mew P-Score 1.000 836
Global History1014 Level Mew P-Score 1.000 836
Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility= 1 are used in the
analysis phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.673 33631 83631 1.673 33631 33631
2 327 16.369 100.000
Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility= 1 are used in the analysis phase.
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Grade 10 Global History Regents and Common Core English Regents Correlations
among English Language Learners

The partial correlations of Grade 10 Global History Regents and Grade 11 Common English
Regents scores indicate that the correlations between the tests are not as strong for English
Language Learners.

Correlation Matrix®

Global
English1115 History1014
Level Mew P- Level New P-

Score Score
Caorrelation English1115 Level New P-Scaore 1.000 B4
Global History1014 Level Mew P-Score 541 1.000
Sig. (1-tailed)  English1115 Level New P-Score .0oo

Global History1 014 Level Mew P-Score .00o

a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Communalities®

Initial Extraction
English1115 Level Mew P-Score 1.000 R
Global History1014 Level New P-Score 1.000 821

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1 are
used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.641 82.075 82.075 1.641 82.075 82.075
2 359 17.925 100.000

Extraction Methaod: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Grade 10 Global History and Common Core English Regents Correlations among
Low Income Students

Correlation Matrix®

Global
English1114 History1014
Level Mew P- Level Mew P-
Score Score
Correlation English1115 Level Mew P-Score 1.000 679
Global History1014 Level Mew P-Score 679 1.000
Sig. (1-tailed) English1115 Level New P-Score .oon
Global History1014 Level Mew P-Score i)
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
Communalities®
Initial Extraction
English1115 Level Mew P-Score 1.000 .B3g
Global History1 014 Level Mew P-Score 1.000 B30
Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used in the
analysis phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.679 83.048 83.048 1.679 83.948 83.948
2 A 16.052 100.000
Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Grade 10 Global History Regents and U.S, History Regents Correlations among

Students with Disabilities

Correlation Matrix®
Global s
History1014 History1115
Level Mew P- Level New P-
Score Score
Correlation Global History1014 Level New P-Score 1.000 742
US History1115 Level Mew P-Score T42 1.000
Sig. (1-tailed)  Global History1014 Level New P-Score 000
US History1115 Level Mew P-Score 000

a. Only cases for which Disability= 1 are used in the analysis phase.

Communalities®

Initial Extraction
Global History1014 Level New P-Score 1.000 BT
US History1115 Level Mew P-Score 1.000 871

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disability= 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.742 B7.099 87.089 1.742 87.099 87.099
2 258 12.901 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Disahbility= 1 are used in the analysis phase.

Grade 10 Global History Regents and U.S, History Regents Correlations among

English Language Learners

Correlation Matrix®

Glohal us
History1014 History1115
Level Mew P- Level Mew P-
Score Score
Correlation Global History1 014 Lavel New P-Score 1.000 B3z
US History1115 Level New P-Score 632 1.000
Sig. (1-tailed)  Global History1014 Level Mew P-Scora .0oo
US History1115 Level New P-Score {000

a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Communalities®

Initial Extraction
Global History1014 Level Mew P-Score 1.000 B16
IJS History1115 Level Mew P-Score 1.000 B16

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1 are
usedin the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.632 81.592 81.592 1.632 81.542 81.5492
2 368 18.408 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.
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Grade 10 Global History and U.S, History Regents Correlations among
Low Income Students

Correlation Matrix®
Glohal s
History1 014 History1 1145
Leval Mew P- Level Mew P-
Score Score
Correlation Global History1014 Level Mew P-Score 1.000 JE1
S History1115 Level Mew P-Score 751 1.000
Sig. (1-tailed)  Global History1014 Level Mew P-Score .ooo
LIS History1 115 Level Mew P-Score 000

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®

Initial Extraction
Glohal History1014 Level Mew P-Score 1.000 B7e
LIS History1115 Level Mew P-Score 1.000 B7e

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income = 1 are used in the

analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.751 B7.553 B7.553 1.751 B7.543 B7.553
2 249 12.447 100.000
Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Predictive Analytic Tests/Processes-English and Social Studies

Rule Induction Tests

SPSS Modeler provides a series of predictive analytic tests that allow users to create
prediction models based upon sequenced data that is strongly correlated. These predictive
analytic tests apply rules that are appropriate for nominal, ordinal or interval data. Because
our dependent or target variables in our study are the leveled percentile outcomes on specific
Regents tests (English and Global History), the Rule Induction Test used to develop
predictions based upon ELA-7 and ELA-8 data was the Neural Net. The first image below is
the data stream test for the prediction of English grade 11 P-scores from prior ELA-7, ELA-8
and Global History P-scores as well as IEP, LEP and disability statuses. The following
Modeler Neural Net Chart indicates the relative prediction significance of ELA-7, ELA-8 and
Global P-Scores, LEP status, disability status and low income status in the prediction of
grade 11 English scores (p-scores). The top three paths or correlation lines below indicate
the strong relationship between the ELA-7 to ELA8 and the Common Core English Regents.
The bottom path displays the strong relationship of Global History scores in grade 10 to
Common Core English Regents scores in grade 11. The successful prediction of English
Regents scores is disproportionately based upon prior ELA and Global scores, but ELL and
Disability status play a significant role.

ELA-7 to ELA-8 and ELA-7 and ELA-8 to the Common Core Grade 11 English Regents
and the Global Regents to the English Regents
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ELA-7to ELA-8
The Modeler Neural Net Chart below indicates the relative significance of ELA-7 P-Scores,
SWD status, LEP status, and Low Income status in the prediction of ELA-8 scores (p-scores).

The successful prediction of ELA-8 scores is based upon the strong correlation with prior
ELA-7 scores.

Predictor Importance
Target: New CC ELA812 Level P-Score

Mew CC ELATIA
Level P-Score

Disahility [ [ 0 [
Limited English i ] i i
Proficient 0 0
Low-Income :|
f f f f
0.0 0z 0.4 0.6 0s 1.0
[NewCCELA711PScare|
[ | I
Least Important Most Impartant

ELA-7to Common Core English Regents
The Modeler Neural Net Chart below follows the strong relative significance of ELA-7 P-
Scoresin the prediction of grade 11 Common Core English Regents scores (p-scores).

Predictor Importance

Target: English1115 Level New P-Score

New CC ELAT11 5
Level P-Score i
Disability . . . .
Low-Income
Limited English ! : : 5
Froficient : : : :
i i i i
0.0 0.2 0.4 0.6 05 1.0
[NewCCELAT11PSeare]
r | | H
Least Important Maost Important
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ELA-8to Common Core English Regents

The Modeler Neural Net Chart below indicates the relative significance of ELA-8 P-Scores,
SWD status, LEP status, and Low Income status in the prediction of Common Core English
Regents scores (p-scores). The successful prediction of Common Core English Regents
scores three years later is based upon the strong correlation with prior ELA-8 scores.

Predictor Importance

Target: English1115 Level New P-Score

Mew CC ELAGT 2
Level P-Score

Disability

Limited English
Proficient

Low-Income
0.0 0.2 04 0.6 0.8 1.0
[NewCCELAB12PScore|
f | I
Least Important Most Important

ELA-7to Grade 10 Global History Regents
The Modeler Neural Net Chart below indicates the relative significance of ELA-7 P-Scores in
the prediction of grade 10 Global History scores (p-scores).

Predictor Importance
Target: Global History1015 Level New P-Score

Mew CC ELAT12
Level P-Score
Limited English ' i i i
Proficient
Low-Income j
Disahility :|
i i i i
0o 0z 04 08 0.8 1.0
[MewCCELAT12P Score|
{ I |
Least Important Maost Important
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ELA-8to Grade 10 Global History Regents

The Modeler Neural Net Chart below indicates the relative significance of ELA-8 P-Scores in
the prediction of grade 10 Global History scores (p-scores). It is notable that the significance
of the ELA-8 to Global History scores is slightly greater than the ELA-8 impact on English 11
scores a year later.

Predictor Importance

Target: Global History1015 Level New P-Score

Mew CC ELAGT 2
Level P-Score

Low-Incame

Disability :|
0

Limited English
Proficient

i
0. 0.2 0.4 0.6 0.8 1.0
[NewCCELAB12PScare

f I |

Grade 10 Global History Regents to Grade 11 English Regents

The next Modeler Neural Net Chart shows the relative role of Global History P-scores, SWD
status, LEP status, and Low Income status in the prediction of grade 11 Common Core
English Regents P-scores in 2015. The successful prediction of English Regents scores is
also possible with the strong correlation with Global History-10 scores.

Predictor Importance

Target: English1115 Level New P-Score

Global History1014
Level Mew P-Score

Limited English
Proficient

Disability
Low-Income ]
| i | |
0.0 0.2 04 06 0.e 1.0
[610GLOBNewPScore]
r | FJ
Least Important Maost Important
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Grade 10 Global History Regents to Grade 11 U.S. History Regents

The next Modeler Neural Net Chart shows the relative role of grade 10 Global History P-
scores, SWD status, LEP status, and Low Income status in the prediction of grade 11U.S.

History P-scores. The successful prediction of U.S. History Regents scores is based

primarily on the strong correlation with U.S. History scores.

Predictor Importance
Target: US History1115 Level New P-Score

Global History1014
Level Mew P-Score

Disability

Limited English

Froficient
Low-Income :|
0.0 02 04 0E 0s
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Establish Rule Sets for English Projections

The SPSS Modeler includes a series of predictive analytic statistical models that allow the
setting of rule sets or conditions for the determination of a successful prediction. The C5.0
model is one of the models used in rule setting for evaluation of predictions. It simplifies the
complexity of the data by identifying target cases that do not meet the pre-established rules.
Sub-levels were introduced into the predictive model so that future scores would be predicted
based upon the scores of students in short score ranges separately for non-status students,
Students with Disabilities, Limited English Proficiency students/English Language Learners
and Low Income students. Two related sets of predictions were generated to set high and
low predictions with different rates of confidence.

The following two rules were used for the fi h i-egnhgm@dictions of English, Global History
and U.S. History Regents results from prior ELA-8 or Global History scores. Rule 1 applies to
each sub-level group and each status group including students with disabilities, English
Language Learners and Low Income students. Rule 2 = Projections will not be supported
unless at least 100 students or more connect the two tests for any status group. The
prediction is essentially determined at the top end of the predictive range by the mean
average performance of students in prior performance sub-levels on the ELA-7, ELA-8 or
Global History Assessments.

The following three r wlnadsd wereadiwsd d nfsoroft Heen g li
and U.S. History Regents results from prior ELA-8 or Global History scores. Rule 1 = 80% or

more of all target cases should be equal to above the minimum projection for all sublevel

groups based upon prior scores. Rule 2 = Rule 1, applies to each sub-level group and each

status group including students with disabilities, English Language Learners and Low Income

students. Rule 3 = Projections will not be supported unless at least 100 students or more
connectthetwotestsforanyst at us gr ouepn.d 0 Tphreo jfielcotw ons ar e ca
expanding the confidence interval to ensure that the target of 80% successful prediction for

each short score range from the prior test. If there were fewer than 20 students in any sub-

level group from the prior test, the generated projection was suppressed in the projection

tables to ensure that projections were based upon representative clusters of students. If

insufficient numbers of higher performing English Language Learner (ELL) students took the

ELA-7 and ELA-8 and the Common Core English Regents in grade 11 no projections could

be done for ELL students who scored above in most score sub-levels on the ELA-7 or ELA-8.

Generating Projections

Using the rule sets described above the projections below were exported into Excel. The first
projections are from ELA-7and ELA-8 sub-levels to the Global History Regents English
Regents. The following projection tables are from the ELA-7 and ELA-8 to the Common Core
English Regents in 2015. The next table is the projection from the Global History Regents in
grade 10 to the Common Core English Regents in grade 11, followed by the projections to
the U.S. History Regents from the Global Regents. The English Regents scores have been
converted to equivalent scale scores for use as projections for similar students. Once the
high and low projections were generated a mid-point projection was added in order to give
the end-user a range from low to high to establish student performance targets.

‘m
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Testing Projections

After the projections were written to the regional longitudinal data file for all students who took

the ELA-7, ELA-8 and the following Global History and English Regents, the most

conser va-engpmwmjeciionsowere validated with a series of tables in the SPSS Modeler
that identified successful predictions and unsuccessful predictions. In each of the tables

below, the counts and percentagesi n

t he

Ayeso col

umn

dent i

student outcomes on the target test were at or above the projection for the relevant sub-level
group. The projections are validated when the successful prediction rate is 80% or higher for
every sub-group with a projection.
Test of ELA-7 to Non Common Core English Regents Projections
Non-Status Students

New ELA711 Sub Levels * NOSTATELATto11Pre Crosstabulation

MOSTATELATto11Pre
Mo Yes Total

Mew ELA7T11 Sub Levels  High Level1  Count 125 783 G908
% within Mew ELA711 Sub Levels 13.8% 86.2% 100.0%

Low Level 2 Count 140 792 932
% within Mew ELAT11 Sub Levels 15.0% 85.0% 100.0%

Mid Level 2 Count 121 935 1056
% within Mew ELA711 Sub Levels 11.5% 88.5% 100.0%

High Level 2 Count 220 1661 1881
% within Mew ELAT11 Sub Levels 11.7% 88.3% 100.0%

Low Level 3 Count 110 1023 1133
% within Mew ELAT11 Sub Levels 9.7% 90.3% 100.0%

Mid Level 3 Count 42 492 534
% within Mew ELAT11 Sub Levels 7.9% 921% 100.0%

High Level 3 Count 104 892 496
% within Mew ELAT11 Sub Levels 10.4% 89.6% 100.0%

Low Level 4 Count 69 557 626
% within Mew ELAT11 Sub Levels 11.0% 89.0% 100.0%

Mid Level 4 Count 30 155 185
% within Mew ELAT11 Sub Levels 16.2% 83.8% 100.0%

High Level4  Count 11 a1 62
% within Mew ELAT11 Sub Levels 17.7% 82.3% 100.0%

Total Count a7z 7341 8313
% within Mew ELAT11 Sub Levels 11.7% 88.3% 100.0%

Test of ELA-7 to Non Common Core English Regents Projections

Students with Disabilities
New ELA711 Sub Levels * IEPELATto11Pre Crosstabulation

IEPELATtO11Pre

Mo Yes Total
Mew ELAY11 Sub Levels  Mid Level 1 Count 20 182 212
% within Mew ELAT11 Sub Levels 9.4% 50.6% 100.0%
High Level1  Count 122 999 1121
% within Mew ELAT11 Sub Levels 10.9% 89.1% 100.0%
Low Level 2 Count 23 247 270
% within Mew ELAT11 Sub Levels 8.6% 91.5% 100.0%
Mid Level 2 Count 16 13 147
% within Mew ELAT11 Sub Levels 10.9% 89.1% 100.0%
High Level 2 Count 20 128 148
% within Mew ELAT11 Sub Levels 13.5% B6.5% 100.0%
Low Level 3 Count 3 42 45
% within Mew ELAT11 Sub Levels 6.7% §93.3% 100.0%
Mid Level 3 Count 3 12 15
% within Mew ELAT11 Sub Levels 20.0% 80.0% 100.0%
Total Count 207 1751 1958
% within Mew ELAT11 Sub Levels 10.6% 89.4% 100.0%
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Test of ELA-7 to Non Common Core English Regents Projections

English Language Learners
New ELA711 Sub Levels * LEPELA7to11Pre Crosstabulation

LEPELATtO11Pre
Mo fes Total
Mew ELAT11 Sub Levels  Mid Level 1 Count i 69 75
% within Mew ELAT11 Sub Levels 8.0% 52.0% 100.0%
High Level1  Count 27 229 256
% within Mew ELAT11 Sub Levels 10.5% 89.5% 100.0%
Low Level 2 Count 4 16 20
% within Mew ELAT11 Sub Levels 20.0% 80.0% 100.0%
Total Count ar 314 351
% within Mew ELAT11 Sub Levels 10.3% 89.7% 100.0%
Test of ELA-7 to Non Common Core English Regents Projections
Low Income Students
New ELA711 Sub Levels * LowincELA7to11Pre Crosstabulation
LowlncELATIO11Pre
Mo fes Total
Mew ELAT1T Sub Levels  Mid Level 1 Count 19 144 168
% within Mew ELAT11 Sub Levels 11.3% 88.7% 100.0%
High Level 1 Count 140 1384 1674
% within Mew ELAT11 Sub Levels 121% 87.9% 100.0%
Low Level 2 Count 71 605 G676
% within Mew ELAT11 Sub Levels 10.5% 89.5% 100.0%
Mid Level 2 Count 72 478 550
% within Mew ELAT11 Sub Levels 131% 86.9% 100.0%
High Level 2 Count 70 633 703
% within Mew ELAT11 Sub Levels 10.0% 590.0% 100.0%
Low Level 3 Count 26 273 2499
% within Mew ELAT11 Sub Levels 8.7% 591.3% 100.0%
Mid Level 3 Count 13 9 104
% within Mew ELAT11 Sub Levels 12.8% 87.5% 100.0%
High Level 3 Count 14 150 164
% within Mew ELAT11 Sub Levels 8.5% 91.5% 100.0%
Low Level 4 Count 10 a0 a0
% within Mew ELAT11 Sub Levels 111% 88.9% 100.0%
Mid Level 4 Count 1 21 22
% within Mew ELAT11 Sub Levels 4.5% 95.5% 100.0%
Total Count 486 3864 4350
% within Mew ELAT11 Sub Levels 11.2% 88.8% 100.0%
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Test of ELA-7 to Common Core English Regents Projections
Non-Status Students

New ELA711 Sub Levels * NOSTATELA7to11Pre Crosstabulation

MOSTATELATIOT1Pre
Mo fes Total
Mew ELAT11 Sub Levels  Hiigh Level1  Count 23 141 164
% within MNew ELAT11 Sub Levels 14.0% 36.0% 100.0%
Low Level 2 Count 22 175 197
% within MNew ELAT11 Sub Levels 11.2% 38.8% 100.0%
Mid Level 2 Count 25 231 256
% within MNew ELAT11 Sub Levels §9.8% 90.2% 100.0%
High Level 2 Count 27 376 403
% within MNew ELAT11 Sub Levels 6.7% §93.3% 100.0%
Low Level 3 Count 10 264 274
% within MNew ELAT11 Sub Levels 3.6% 96.4% 100.0%
Mid Level 3 Count 7 150 157
% within MNew ELAT11 Sub Levels 4.5% 95.5% 100.0%
High Level 3 Count T 227 234
% within MNew ELAT11 Sub Levels 3.0% 97.0% 100.0%
Low Level 4 Count G 151 157
% within MNew ELAT11 Sub Levels 3.8% 96.2% 100.0%
Mid Level 4 Count G 53 58
% within MNew ELAT11 Sub Levels 10.2% 359.8% 100.0%
High Level 4 Count 2 18 20
% within MNew ELAT11 Sub Levels 10.0% 590.0% 100.0%
Total Count 134 1786 1921
% within MNew ELAT11 Sub Levels 7.0% 593.0% 100.0%
Test of ELA-7 to Common Core English Regents Projections
Students with Disabilities
New ELA7 11 Sub Levels * IEPELA7to11Pre Crosstabulation
IEFELATtO11Pre
Mo fes Total
Mew ELAT11 Sub Levels  Mid Count g an 35
|1_E\.l'E| % within Mew ELAT11 Sub Levels 14.3% a5 7% 100.0%
High Count 44 208 253
Level
1 % within Mew ELAT11 Sub Levels 17.4% a7 6% 100.0%
Low Count 2 40 42
Level
2 % within Mew ELAT11 Sub Levels 4.8% a5 7% 100.0%
Mid Count 4 32 36
Level
2 % within Mew ELAT11 Sub Levels 11.1% A8 4% 100.0%
High Count 3 KN a4
Level
2 % within Mew ELAT11 Sub Levels a.a8% g1 2% 100.0%
Low Count 3 15 18
Level
3 % within Mew ELAT11 Sub Levels 16.7% 8973.3% 100.0%
Total Count 1 357 418
% within Mew ELAT11 Sub Levels 14.6% 85.4% 100.0%
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Test of ELA-7 to Common Core English Regents Projections

English Language Learners

New ELA711 Sub Levels * LEPELATto11Pre Crosstabulation

LEPELATtO11Pre

Mo Yes Total
Mew ELAT11 Sub Levels  High Level1  Count 7 a7 44
% within Mew ELAT11 Sub Levels 15.9% 84.1% 100.0%
Total Count i v 44
% within Mew ELAT11 Sub Levels 15.9% 84.1% 100.0%
Test of ELA-7 to Common Core English Regents Projections
Low Income Students
New ELAT11 Sub Levels * LowincELATto11Pre Crosstabulation
LowlIncELATto11Pre
Mo Yes Total
Mew ELAT11 Sub Levels  Mid Level 1 Count ] 25 a0
% within Mew ELAT11 Sub Levels 16.7% 83.3% 100.0%
High Level 1 Count 54 285 304
% within Mew ELAT11 Sub Levels 17.5% B2.5% 100.0%
Low Level 2 Count 13 100 113
% within Mew ELAT11 Sub Levels 11.5% B8.5% 100.0%
Mid Level 2 Count 16 74 95
% within Mew ELAT11 Sub Levels 16.8% 83.2% 100.0%
High Level 2  Count 13 114 132
% within Mew ELAT11 Sub Levels 9.8% 90.2% 100.0%
Low Level 3 Count ] 48 53
% within Mew ELAT11 Sub Levels 5.4% 50.6% 100.0%
Mid Level 3 Count 2 24 26
% within Mew ELAT11 Sub Levels 7.7% §52.3% 100.0%
High Level 3 Count 1 30 H
% within Mew ELAT11 Sub Levels 3.2% 56.8% 100.0%
Total Count 108 620 784
% within Mew ELAT11 Sub Levels 13.8% 896.2% 100.0%
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Test of ELA-8 to Non Common Core English Regents Projections
Non-Status Students

New ELA812 Sub Levels * NOSTATELA11Pre Crosstabulation

MOSTATELA11Pre
Mo Yes Total

Mew ELABT2 Sub Levels  Mid Level 1 Count 1 21 22
% within New ELAB12 Sub Levels 45% 95.5% 100.0%

High Level1  Count 40 465 505
% within New ELAB12 Sub Levels 7.9% 921% 100.0%

Low Level 2 Count a5 679 774
% within New ELAS12 Sub Levels 12.3% 87.7% 100.0%

Mid Level 2 Count 103 935 1038
% within New ELAS12 Sub Levels 9.9% 90.1% 100.0%

High Level 2 Count 167 1287 1464
% within New ELAS12 Sub Levels 11.4% 88.6% 100.0%

LowLevel 3 Count 155 1076 1231
% within New ELAS12 Sub Levels 12.6% 87.4% 100.0%

Mid Level 3 Count 149 1132 1281
% within New ELAS12 Sub Levels 11.6% 88.4% 100.0%

High Level 3 Count 7a 512 582
% within New ELAS12 Sub Levels 12.0% 88.0% 100.0%

LowLevel 4  Count 149 798 947
% within New ELAS12 Sub Levels 16.7% 84.3% 100.0%

Mid Level 4 Count 82 384 466
% within New ELAS12 Sub Levels 17.6% 82.4% 100.0%

High Level 4  Count 15 77 92
% within New ELAS12 Sub Levels 16.3% 83.7% 100.0%

Total Count 1026 7376 g402
% within New ELAS12 Sub Levels 12.2% 87.8% 100.0%

Test of ELA-8 to Non Common Core English Regents Projections
Students with Disabilities

New ELA812 Sub Levels * IEPELA11Pre Crosstabulation

IEPELAT1Pre
Mo Yes Total

MNew ELABT 2 Sub Levels  Low Level 1 Count 2 18 20
% within Mew ELAB1 2 Sub Levels 10.0% 90.0% 100.0%

Mid Level 1 Count 43 315 358

% within Mew ELAB12 Sub Levels 12.0% 88.0% 100.0%

High Level1  Count a4 742 826

% within Mew ELAB12 Sub Levels 10.2% 89.8% 100.0%

LowlLevel2  Count 24 288 318

% within New ELAB1 2 Sub Levels 9.1% 90.9% 100.0%

fid Level 2 Count 26 180 216

% within Mew ELAB12 Sub Levels 12.0% 88.0% 100.0%

High Lewvel 2 Count 21 138 159

% within Mew ELAB12 Sub Levels 13.2% 86.8% 100.0%

Low Level 3 Count ] 59 liE:]

% within Mew ELAB12 Sub Levels 13.2% 26.8% 100.0%

Mid Level 3 Count 5} a7 43

% within New ELAB1 2 Sub Levels 14.0% 86.0% 100.0%

Total Count 220 1788 2008
% within Mew ELAB12 Sub Levels 11.0% 89.0% 100.0%
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Test of ELA-8 to Non Common Core English Regents Projections
English Language Learners
New ELA812 Sub Levels * LEPELA11Pre Crosstabulation

LEPELA11Pre

Mo Yes Total
Mew ELAB12 Sub Levels  Low Level1 Count 0 20 20
% within Mew ELAB1 2 Sub Levels 0.0% 100.0% 100.0%
Mid Level 1 Count 20 114 135
% within Mew ELAB1 2 Sub Levels 14.8% 85.2% 100.0%
High Level1  Count 19 1485 214
% within Mew ELAB12 Sub Levels 8.9% 511% | 100.0%
Low Level 2 Count 4 a7 41
% within Mew ELAB1 2 Sub Levels 9.8% 50.2% 100.0%
Mid Level 2 Count 2 16 18
% within Mew ELAB1 2 Sub Levels 111% 838.9% 100.0%
Total Count 45 383 428
% within Mew ELAB1 2 Sub Levels 10.8% 89.2% 100.0%

Test of ELA-8 to Non Common Core English Regents Projections
Low Income Students
New ELAS12 Sub Levels * LowincELA11Pre Crosstabulation

LowlncELAT1Pre
R[] Yes Total
Mew ELAS12 Sub Levels  Low Count 1 16 17
Level
1 % within MNew ELAZ12 Sub Levels f.0% 94.1% 100.0%
Mid Count 39 280 329
Level o
1 % within MNew ELAB12 Sub Levels 11.9% B88.1% 100.0%
High Count a0 1018 1108
Level o
1 % within MNew ELAB12 Sub Levels a1% 91.9% 100.0%
Low Count 44 675 719
Level o
2 % within MNew ELAB12 Sub Levels 6% 93.09% 100.0%
Mid Count 67 A4 611
Level
2 % within MNew ELAB12 Sub Levels 11 0% 89.0% 100.0%
High Count 72 606 678
Level
2 % within Mew ELAB12 Sub Levels 10 6% 89 4% 100.0%
Low Count 48 3749 427
Level "
3 % within Mew ELAB1 2 Sub Levels 11.2% 88.8% 100.0%
Mid Count 23 288 KRR
Level
3 % within New ELAB1 2 Sub Levels 7 4% 97 % 100.0%
High Count ] a7 106
Leval
3 % within MNew ELAB1 2 Sub Levels 05% 91.5% 100.0%
Low Count 12 191 203
Level
4 % within Mew ELAB12 Sub Levels 5.9% 941% | 100.0%
Mid Count G a9 65
Level
4 % within MNew ELAB1 2 Sub Levels 0.7% 90.8% 100.0%
Total Count 411 4163 4574
% within Mew ELAB1 2 Sub Levels 9.0% 91.0% 100.0%
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Test of ELA-8 to Common Core English Regents Projections
Non-Status Students
New ELA812 Sub Levels * NOSTATELA11Pre Crosstabulation

NOSTATELAT1Pre
Mo Yes Total

Mew ELAB12 Sub Levels  High Level 1 Count 16 a7 103
% within New ELAB12

Sub Levels 15.5% 84.5% 100.0%

Low Level 2 Count 23 191 154
% within New ELAB1 2

Sub Levels 14.9% 85.1% 100.0%

Mid Level 2 Count 21 188 208
% within New ELAS12

Sub Levels 10.0% 90.0% 100.0%

High Level 2 Count 79 263 207
% within New ELAS1 2

Suhb Levels 9.9% 90.1% 100.0%

Low Level 3 Count 25 267 292
% within New ELAS12

Sub Levels 8.6% 51.4% 100.0%

Mid Level 3 Count 33 302 335
% within New ELAB1 2

Sub Levels 9.9% 90.1% 100.0%

High Level 3 Count 13 138 151
% within New ELAB1 2

Sub Levels 8.6% 91 4% 100.0%

Low Level 4 Count 34 307 341
% within New ELAS12

Sub Levels 10.0% 90.0% 100.0%

Mid Level 4 Count 5 59 B4
% within New ELAS1 2

Sub Levels 7.8% §92.2% 100.0%

Total Count 189 1742 1841
% within New ELAS12

Sub Levels 10.3% 89.7% 100.0%

Test of ELA-8 to Common Core English Regents Projections

Students with Disabilities
New ELA812 Sub Levels * IEPELA11Pre Crosstabulation

IEPELA11FT2
Mo Yes Total

Mew ELABTZ Sub Levels  Mid Level 1 Count 7 47 54
% within New ELAB12

Sub Levels 13.0% 87.0% 100.0%

High Level 1 Count 29 162 191
% within New ELAB12

Sub Levels 15.2% 84.8% 100.0%

Low Level 2 Count 5 &0 65
% within New ELAB1 2

Sub Levels 7.7% 592.3% 100.0%

Mid Level 2 Count 4 57 51
% within New ELAB1 2

Sub Levels 6.6% 593.4% 100.0%

High Level 2 Count 5 30 5
% within New ELAB1 2

Sub Levels 14.3% 85.7% 100.0%

Lowlevel3  Count 1 19 20
% within New ELAS1 2

Sub Levels 5.0% 95.0% 100.0%

Total Count 51 175 46
% within New ELAS1 2

Sub Levels 12.0% 88.0% 100.0%
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Test of ELA-8 to Common Core English Regents Projections
English Language Learners

New ELAS12 Sub Levels * LEPELA11Pre Crosstabulation

LEPELATTPrE
Mo Yes Total
Mew ELAS12 Sub Levels  Mid Level 1 Count 3 18 2
% within Mew ELAS12
2ub Levels 14.3% B35.7% 100.0%
High Level 1 Count 7 13 40
% within Mew ELAS12
Sub Levels 17.5% 82.5% 100.0%
Total Count 10 51 61
% within Mew ELAS12
Sub Levels 16.4% 33.6% 100.0%

Test of ELA-8 to Common Core English Regents Projections
Low Income Students

New ELAS12 Sub Levels * LowincELA11Pre Crosstabulation

LowlncELAT1Pre
Mo Yes Total

Mew ELAST2 Sub Levels  Mid Level 1 Count 10 40 50
% within Mew ELAB12

Sub Levels 20.0% 30.0% 100.0%

High Level 1 Count 41 187 278
% within Mew ELAS12

Sub Levels 18.0% 82.0% 100.0%

Low Level 2 Count 24 105 129
% within Mew ELAS12

Sub Levels 18.6% 31.4% 100.0%

Mid Level 2 Count 77 g 120
% within Mew ELAS12

Sub Levels 18.3% 81.7% 100.0%

High Level 2 Count a0 108 128
% within Mew ELAS12

Sub Levels 15.6% 34.4% 100.0%

High Level 3 Count g 56 B4
% within Mew ELAS12

Sub Levels 12.65% a87.5% 100.0%

Mid Level 3 Count f 54 60
% within Mew ELAS12

Sub Levels 10.0% 90.0% 100.0%

High Level 3 Count 4 95 g
% within Mew ELAS12

Sub Levels 13.8% 896.2% 100.0%

Low Level 4 Count f 49 55
% within Mew ELAS12

Sub Levels 10.9% 89.1% 100.0%

Total Count 141 792 863
% within Mew ELAS12

Sub Levels 16.3% 33.7% 100.0%
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Test of ELA-7 to Global History Regents Projections
Non-Status Students

New ELA712 Sub Levels * NOSTATELA7toGlobal10Pre Crosstabulation

MOSTATELATtoGlobal10Pre
Mo Yag Tatal
Mew ELAT12 Sub Levels  High Level 1 Count 98 513 611
% within Mew ELAT12 Sub Levels 16.0% B84.0% | 100.0%
Low Level 2 Count 130 631 761
% within Mew ELAT12 Sub Levels 17.1% 82.9% 100.0%
Mid Level 2 Count 108 548 656
% within Mew ELAT12 Sub Levels 16.5% 83.5% 100.0%
HighLevel 2 Count 24 1087 1328
% within Mew ELAT12 Sub Levels 18.1% 81.9% 100.0%
Low Level 3 Count 288 15349 1827
% within Mew ELAT12 Sub Levels 16.8% 84.2% 100.0%
Mid Level 3 Count 387 1562 19449
% within Mew ELAT12 Sub Levels 19.9% 80.1% 100.0%
High Level 3 Count 232 4973 1205
% within Mew ELAT12 Sub Levels 19.3% 80.7% 100.0%
Low Level 4 Count 112 715 827
% within New ELAT12 Sub Levels 13.5% 86.5% 100.0%
Mid Level 4 Count 32 205 237
% within Mew ELAT12 Sub Levels 13.5% 36.5% 100.0%
High Level 4  Count 22 125 147
% within Mew ELAT12 Sub Levels 15.0% 85.0% 100.0%
Total Count 1650 7348 9548
% within Mew ELAY12 Sub Levels 17.3% 82.7% 100.0%
Test of ELA-7 to Global History Regents Projections
Students with Disabilities
New ELAT12 Sub Levels * IEPELATtoGlobal10Pre Crosstabulation
IEFELATtoGIohall 0Pre
Mo Yes Total
Mew ELAT12 Sub Levels  Mid Level 1 Count 42 188 240
% within Mew ELAT12 Sub Levels 17.5% 82.5% 100.0%
High Level 1 Count 224 a77 1206
% within Mew ELAT12 Sub Levels 15.0% 81.0% 100.0%
LowLevel 2 Count 51 240 281
% within Mew ELAT12 Sub Levels 17.5% 82.5% 100.0%
Mid Level 2 Count 20 L] 1148
% within Mew ELAT12 Sub Levels 16.8% 83.2% 100.0%
High Level 2 Count 34 147 181
% within Mew ELAT12 Sub Levels 18.6% 81.2% 100.0%
LowLevel 3 Count 15 101 116
% within Mew ELAT12 Sub Levels 12.9% 87.1% 100.0%
Mid Level 3 Count 9 54 63
% within Mew ELAT12 Sub Levels 14.3% 85.7% 100.0%
High Level 3 Count 4 25 24
% within Mew ELAT12 Sub Levels 13.6% 86.2% 100.0%
Total Count 404 1841 2245
% within Mew ELAT12 Sub Levels 18.0% 82.0% 100.0%
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Test of ELA-7 to Global History Regents Projections

English Language Learners

New ELA712 Sub Levels * ELLELATtoGlobal10Pre Crosstabulation

ELLELAYtoGlohal1OFre
Mo Yes Total
Mew ELAT12 Sub Levels  Mid Level 1 Count 13 86 94
% within Mew ELAY12 Sub Levels 13.1% B6.9% 100.0%
High Level 1 Count 63 2487 360
% within Mew ELAY12 Sub Levels 17.5% 82.5% 100.0%
Low Level 2 Count a 47 55
% within Mew ELAY12 Sub Levels 14.5% 85.5% 100.0%
Mid Level 2 Count 4 | 25
% within Mew ELAY12 Sub Levels 16.0% 84.0% 100.0%
Total Count a8 451 539
% within Mew ELAY12 Sub Levels 16.3% 83.7% 100.0%
Test of ELA-8 to Global History Regents Projections
Low Income Students
New ELA712 Sub Levels * LowincELA7toGlobal10Pre Crosstabulation
LowlncELATt0Global1 OPre
Mo Yes Tatal

Mew ELAT12 Sub Levels  Mid Lavel 1 Count a0 161 191

% within Mew ELAT12 Sub Levels 165.7% 234.3% 100.0%

High Level1  Count 287 1232 16149

% within New ELAT12 Sub Levels 18.9% B1.1% 100.0%

Low Level2  Count 118 550 668

% within Mew ELAT12 Sub Levels 17.7% B82.3% 100.0%

Mid Lavel 2 Count 78 KLY 419

% within Mew ELAT12 Sub Levels 18.6% 81.4% 100.0%

High Level 2 Count 128 A7A 703

% within Mew ELAT12 Sub Levels 18.2% 81.8% 100.0%

Low Level 3  Count 121 569 690

% within Mew ELAT12 Sub Levels 17.5% B82.5% 100.0%

Mid Leval 3 Count 103 443 544

% within Mew ELAT12 Sub Levels 18.9% 81.1% 100.0%

High Level 3 Count 33 202 235

% within Mew ELAT12 Sub Levels 14.0% B6.0% 100.0%

Low Level 4  Count 17 123 140

% within New ELAT12 Sub Levels 121% B7.9% 100.0%

Mid Level 4 Count 1 21 22

% within Mew ELAT12 Sub Levels 4.5% 95.5% 100.0%

Total Count 916 4217 5133

% within Mew ELAT12 Sub Levels 17.8% 82.2% 100.0%
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Test of ELA-8 to Global History Regents Projections
Non-Status Students
New ELA&12 Sub Levels * NOSTATELAS8toGlobal10Pre Crosstahulation

MOSTATELAStoGlobal1 0Pre

Mo Yes Total
Mew ELAB12 Sub Levels  High Level 1 Count 114 460 574
% within Mew ELAB12 Sub Levels 19.9% 80.1% | 100.0%
LowLevel 2 Count 123 GB0 203
% within Mew ELAB12 Sub Levels 16.3% 84.7% | 100.0%
Mid Level 2 Count 175 939 1114
% within Mew ELAB12 Sub Levels 168.7% 24.3% | 100.0%
High Level 2  Count 283 1240 1523
% within Mew ELAB12 Sub Levels 18.6% 21.4% | 100.0%
LowLevel 3 Count 255 1130 1385
% within Mew ELAB12 Sub Levels 18.4% 821.6% | 100.0%
Mid Level 3 Count 238 11891 1429
% within Mew ELAB12 Sub Levels 16.7% 823.3% | 100.0%
High Level 3  Count 162 728 250
% within Mew ELAB12 Sub Levels 18.2% 21.8% | 100.0%
Low Level 4 Count 208 1143 1351
% within Mew ELAB12 Sub Levels 16.4% 24.6% | 100.0%
Mid Level 4 Count K] 73 426
% within Mew ELAB12 Sub Levels 12.4% 87.6% | 100.0%
High Level 4  Count 0 20 20
% within Mew ELAB12 Sub Levels 0.0% 100.0% | 100.0%
Tatal Count 1611 7903 5515
% within Mew ELAB12 Sub Levels 16.9% 83.1% | 100.0%
Test of ELA-8 to Global History Regents Projections
Students with Disabilities
New ELA812 Sub Lewvels * IEPELABtoGlobal10Pre Crosstabulation
IEFELABtoGloball10Fre
Mo Yes Total
Mew ELAST2 Sub Levels  Low Level 1 Count 4 14 23
% within New ELAS12 Sub Levels 17.4% 832.6% 100.0%
Mid Level 1 Count 55 23 286
% within New ELAS12 Sub Levels 18.2% 80.8% 100.0%
High Level1  Count 173 B33 1006
% within MNew ELAB12 Sub Levels 17.2% 82.8% 100.0%
Low Level 2 Count a8 291 349
% within MNew ELAB12 Sub Levels 16.6% 83.4% 100.0%
Mid Level 2 Count 39 210 2449
% within New ELAS12 Sub Levels 157% 84.3% 100.0%
High Level 2 Count 28 136 164
% within New ELAS12 Sub Levels 17.1% 82.9% 100.0%
LowLevel3  Count 5 83 a8
% within MNew ELAB12 Sub Levels 57% 94.3% 100.0%
fid Level 3 Count 12 56 68
% within MNew ELAB12 Sub Levels 17.6% 82.4% 100.0%
High Level 3 Count 1 26 27
% within MNew ELAB12 Sub Levels 3T7% 96.3% 100.0%
Low Level 4 Count 4 27 N
% within New ELAS12 Sub Levels 12.89% 87.1% 100.0%
Total Count 378 1912 228
% within MNew ELAB12 Sub Levels 16.5% 83.5% 100.0%
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Test of ELA-8 to Global History Regents Projections

English Language Learners

New ELA812 Sub Levels * ELLELAS8toGlobal10Pre Crosstabulation

ELLELABtoGIobal10Pre
Mo fes Total

Mew ELAB12 Sub Levels  Mid Level 1 Count 13 a0 103
% within Mew ELAB1 2 Sub Levels 12.6% a7.4% 100.0%

High Level1  Count a1 278 330

% within Mew ELAB1 2 Sub Levels 15.5% a84.5% 100.0%

Low Lewvel 2 Count 15 95 110

% within Mew ELAB12 Sub Levels 13.6% 86.4% 100.0%

Mid Level 2 Count ) a0 57

% within Mew ELAB12 Sub Levels 12.3% 87 7% 100.0%

High Level 2 Count 3 21 24

% within Mew ELAB12 Sub Levels 12.5% 87.5% 100.0%

Total Count ag 535 G624
% within Mew ELAB12 Sub Levels 14.3% 85.7% 100.0%

Test of ELA-8 to Global History Regents Projections
Low Income Students

New ELAB12 Sub Levels * LowlncELASBtoGlobal10Pre Crosstabulation

LowlncELABtoGlobal1 0P re
Mo ¥es Taotal

Mew ELAS12 Sub Levels  Mid Level 1 Count 43 206 254
% within Mew ELAS12 Sub Levels 18.9% 81.1% 100.0%

High Level1  Count 226 1136 1362
% within Mew ELAS12 Sub Levels 16.6% 83.4% 100.0%

Low Level 2 Count 168 7156 883
% within Mew ELAS12 Sub Levels 19.0% a1.0% 100.0%

Mid Level 2 Count 141 618 7hG
% within Mew ELAB12 Sub Levels 18.6% a1.4% 100.0%

High Level 2 Count 127 605 ¥a2
% within Mew ELAS1 2 Sub Levels 17.3% 82.7% 100.0%

Low Level 3 Count 94 4349 533
% within Mew ELABT 2 Sub Levels 17.6% 82.4% 100.0%

Mid Level 3 Count a1 329 410
% within Mew ELAS12 Sub Levels 19.8% 80.2% 100.0%

High Level 3 Count 33 161 194
% within Mew ELAS12 Sub Levels 17.0% 83.0% 100.0%

Low Level 4 Count 43 176 219
% within Mew ELAS12 Sub Levels 19.6% 20.4% 100.0%

Mid Level 4 Count 3 a7 50
% within Mew ELAS12 Sub Levels 6.0% 94.0% 100.0%

Total Count 4964 4432 53496
% within Mew ELAS1 2 Sub Levels 17.9% 832.1% 100.0%
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Test of Global History Regents to Common Core English Projections
Non-Status Students

Global History Gr1014 Sub-Levels * GlobtoNOSTATELA11Pre Crosstabulation

GlobtoNOSTATELAT1Pre

Mo Yes Total
Global History Gr1014 Sub-Levels  High Level 1 Count 4 18 22
% within Global History Gr1014 Sub-Levels 18.2% 81.8% 100.0%
Low Level 2 Count 1 14 15
% within Global History Gr1014 Sub-Levels 6.7% 93.3% 100.0%
Mid Level 2 Count 1 20 21
% within Global History Gr1014 Sub-Levels 4.8% 95.2% 100.0%
High Level 2 Count 3 18 21
% within Global History Gr1014 Sub-Levels 14.3% 85.7% 100.0%
LowLevel 3 Count 27 108 135
4 % within Global History Gr1014 Sub-Levels 20.0% 80.0% 100.0%
Mid Level 3 Count 33 158 231
% within Global History Gr1014 Sub-Levels 14.3% 85.7% 100.0%
High Level 3 Count 47 140 237
% within Global History Gr1014 Sub-Levels 18.8% 80.2% 100.0%
Low Level 4  Count 37 2749 M6
% within Global History Gr1014 Sub-Levels 11.7% 88.3% 100.0%
Mid Level 4 Count 24 el 345
% within Global History Gr1014 Sub-Levels 8.4% 91.6% 100.0%
High Level 4  Count 69 620 639
% within Global History Gr1014 Sub-Levels 10.0% 90.0% 100.0%
Total Count 251 1781 2032
% within Global History Gr1014 Sub-Levels 12.4% B7.6% 100.0%

Test of Global History Regents to Common Core English Projections

Students with Disabilities
Global History Gr1014 Sub-Levels * GlobtolEPELA11Pre Crosstahulation

GlobtolEPELAT1 Pre
Mo Yes Total

Global History Gr1014 Sub-Levels  Mid Level 1 Count 3 28 32
% within Global History Gr1014 Suh-Levels 9.4% 90.6% 100.0%

High Level1  Count ] 71 a0
% within Global History Gr1014 Sub-Levels 11.3% 88.8% 100.0%

Low Level 2 Count 2 21 23
% within Global History Gr1014 Suh-Levels B8.7% 91.3% 100.0%

Mid Level 2 Count 2 36 kL
% within Global History Gr1014 Sub-Levels 5.3% 94.7% 100.0%

High Level 2 Count A 25 N
% within Global History Gr1014 Suh-Levels 18.4% 80.6% 100.0%

Low Level 3 Count 15 63 78
% within Global History Gr1014 Sub-Levels 19.2% 80.8% 100.0%

Mid Level 3 Count 6 54 60
% within Global History Gr1014 Suh-Levels 10.0% 90.0% 100.0%

High Level 3 Count 8 40 48
% within Global History Gr1014 Sub-Levels 16.7% 83.3% 100.0%

Low Level 4 Count a 38 46
% within Global History Gr1014 Suh-Levels 17.4% 82.6% 100.0%

Mid Level 4 Count 1 18 20
% within Global History Gr1014 Sub-Levels 5.0% 55.0% 100.0%

Total Count G0 396 456
% within Global History Gr1014 Sub-Levels 13.2% 26.8% 100.0%
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Test of Global History Regents to Common Core English Projections
English Language Learners

Global History Gr1014 Sub-Levels * GlobtoLEP 11Pre Crosstabulation

GlobtoLEP11Pre
Mo Yes Total

Global History Gr1014 Sub-Levels  High Level 1  Count 2 20 22

% within Global History Gr1014 Sub-Levels 9.1% 90.9% 100.0%

Low Level 3 Count 4 Y 25

% within Global History Gr1014 Sub-Levels 16.0% 84.0% 100.0%

Total Count G L 47

% within Global History Gr1014 Sub-Levels 12.8% 87.2% 100.0%

Test of Global History Regents to Common Core English Projections
Low Income Students
Glohal History Gr1014 Sub-Levels * GlobtoLowlInc11Pre Crosstabulation
GlobtoLowlnet 1Pre
Mo Yes Total

Global History Gr1014 Sub-Levels  Mid Level 1 Count A 29 34
% within Global History Gr1014 Sub-Levels 14.7% 85.3% 100.0%
High Level 1  Count 18 111 129
% within Global History Gr1014 Sub-Levels 14.0% 26.0% 100.0%
Low Level 2 Count 4 26 30
% within Global History Gr1014 Sub-Levels 13.3% 86.7% 100.0%
Mid Level 2 Count ] 53 59
% within Global History Gr1014 Sub-Levels 10.2% 259.8% 100.0%
High Level 2 Count 5 258 M
% within Global History Gr1014 Sub-Levels 19.4% a0.6% 100.0%
Low Level 3 Count 26 130 156
% within Global History Gr1014 Sub-Levels 16.7% 83.3% 100.0%
Mid Level 3 Count 28 129 157
% within Global History Gr1014 Sub-Levels 17.8% 82.2% 100.0%
High Level 3 Count 16 an 106
% within Global History Gr1014 Sub-Levels 161% 84.9% 100.0%
Low Level 4  Count 11 a7 78
% within Global History Gr1014 Sub-Levels 14.1% 85.9% 100.0%
Mid Level 4 Count g8 74 82
% within Global History Gr1014 Sub-Levels 9.8% 490.2% 100.0%
High Level 4  Count 7 78 85
% within Global History Gr1014 Sub-Levels 8.2% 91.8% 100.0%
Total Count 135 B12 947
% within Global History Gr1014 Sub-Levels 14.3% 85.7% 100.0%
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Test of Global History Regents to United States History Projections

Non-Status Students

Global History Gr1014 Sub-Levels * NOSTATGlobtoUSHistPre Crosstabulation

MOSTATGIobtolUSHistPre
Mo Yesg Total

Global History Gr1014 Sub-Levels  High Level1  Count 20 137 157
% within Global History Gr1014 Sub-Levels 12.7% 87.3% 100.0%

Low Level 2 Count 4 71 75
% within Global History Gr1014 Sub-Levels 5.3% 94.7% 100.0%

Mid Level 2 Count 20 105 125
% within Global History Gr1014 Sub-Levels 16.0% 24.0% 100.0%

High Lewvel 2 Count 13 a5 108
% within Global History Gr1014 Sub-Levels 12.0% 88.0% 100.0%

Low Level 3 Count 103 540 693
% within Global History Gr1014 Sub-Levels 14.9% 85.1% 100.0%

Mid Level 3 Count 185 910 1095
% within Global History Gr1014 Sub-Levels 16.9% 831% 100.0%

High Lewvel 3 Count 252 1010 1262
% within Global History Gr1014 Sub-Levels 20.0% 80.0% 100.0%

Low Level 4 Count 184 1470 1654
% within Global History Gr1014 Sub-Levels 11.1% 88.9% 100.0%

Mid Level 4 Count 153 1614 1767
% within Global History Gr1014 Sub-Levels 8.7% 91.3% 100.0%

High Level 4 Count 19§ 2961 3160
% within Global History Gr1014 Sub-Levels 6.3% 93.7% 100.0%

Total Count 1133 8963 10096
% within Global History Gr1014 Sub-Levels 11.2% 88.8% 100.0%

Test of Global History Regents to United States History Projections
Students with Disabilities

Global History Gr1014 Sub-Levels * IEPGlobtoUSHistPre Crosstabulation

IEPGlobtolISHistPre

Mo Yes Total

Global History Gr1014 Sub-Levels  Mid Level 1 Count 19 a0 109
% within Glohal History Gr1014 Sub-Levels 17.4% 82.6% 100.0%

High Level 1  Count 73 294 367
% within Glohal History Gr1014 Sub-Levels 19.9% 20.1% 100.0%

Low Level 2 Count 19 Tr 96
% within Glohal History Gr1014 Sub-Levels 19.8% 80.2% 100.0%

Mid Level 2 Count 26 137 163
% within Glohal History Gr1014 Sub-Levels 16.0% 24.0% 100.0%

High Level 2 Count 13 a0 103
% within Glohal History Gr1014 Sub-Levels 12.6% 87.4% 100.0%

Low Level 3 Count 71 323 354
% within Glohal History Gr1014 Sub-Levels 18.0% 82.0% 100.0%

Mid Level 3 Count i3] 269 334
% within Glohal History Gr1014 Sub-Levels 19.5% 80.5% 100.0%

High Level 3 Count 48 214 262
% within Glohal Histary Gr1014 Sub-Levels 18.3% 81.7% | 100.0%

Low Level 4 Count 25 157 182
% within Glohal History Gr1014 Sub-Levels 13.7% 86.3% 100.0%

Mid Level 4 Count 9 114 123
% within Global History Gr1014 Sub-Levels 7.3% 92.7% 100.0%

High Level 4  Count ] 100 105
% within Glohal History Gr1014 Sub-Levels 4.8% 95.2% 100.0%

Total Count ar3 1865 2238
% within Global History Gr1014 Sub-Levels 16.7% 833.3% 100.0%
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Test of Global History Regents to United States History Projections
English Language Learners
Global History Gr1014 Sub-Levels * ELLGlobtoUSHistPre Crosstabulation

ELLGlobtolUSHistPre

Mo Yes Total
Global History Gr1014 Sub-Levels  Mid Level 1 Count 3 24 27
% within Glohal History Gr1014 Sub-Levels 11.1% 38.9% 100.0%
High Level 1 Count 18 94 112
% within Global History Gr1014 Sub-Levels 16.1% 83.9% 100.0%
LowLevel2  Count A 23 28
% within Global History Gr1014 Sub-Levels 17.9% 821% 100.0%
Mid Level 2 Count 10 42 52
% within Global History Gr1014 Sub-Levels 19.2% 80.8% 100.0%
High Level 2 Count 3 22 25
% within Global History Gr1014 Sub-Levels 12.0% 88.0% 100.0%
LowLevel3  Count 22 101 123
% within Global History Gr1014 Sub-Levels 17.9% 821% 100.0%
Mid Level 3 Count 17 69 a6
% within Global History Gr1014 Sub-Levels 19.8% 80.2% 100.0%
High Level 3 Count 11 43 ]
% within Glohal History Gr1014 Sub-Levels 18.6% 81.4% 100.0%
Low Leveld  Count 7 32 39
% within Global History Gr1014 Sub-Levels 17.9% B2.1% 100.0%
Mid Level 4 Count 1 21 22
% within Global History Gr1014 Sub-Levels 4.5% 95.5% 100.0%
High Level 4  Count 0 23 23
% within Glohal History Gr1014 Sub-Levels 0.0% 100.0% 100.0%
Total Count a7 459 G096
% within Global History Gr1014 Sub-Levels 16.3% B83.7% 100.0%
Test of Global History Regents to United States History Projections
Low Income Students
Global History Gr1014 Sub-Levels * LowincGlobtoUSHistPre Crosstabulation
LowlIncGlohtoUSHistPre
Mo Yes Total
Global History Gr1014 Sub-Levels  Mid Level 1 Count 23 94 17
% within Global History Gr1014 Sub-Levels 19.7% B0.3% 100.0%
High Level 1 Count 74 410 489
% within Global History Gr1014 Sub-Levels 16.2% B3E% 100.0%
Low Level 2 Count 24 104 128
% within Glohal History Gr1014 Sub-Levels 18.8% 81.3% 100.0%
Mid Level 2 Count 45 226 271
% within Glohal History Gr1014 Sub-Levels 16.6% 83.4% 100.0%
High Level 2 Count 28 130 158
% within Global History Gr1014 Sub-Levels 17.7% B2.3% 100.0%
Low Level 3 Count 116 726 a42
% within Global History Gr1014 Sub-Levels 13.8% B6.2% 100.0%
Mid Level 3 Count 135 691 826
% within Global History Gr1014 Sub-Levels 16.3% B3T% 100.0%
High Level 3 Count 144 580 724
% within Glohal History Gr1014 Sub-Levels 19.9% 20.1% 100.0%
Low Level 4 Count 99 550 649
% within Glohal History Gr1014 Sub-Levels 15.3% 84.7% 100.0%
Mid Level 4 Count 58 489 547
% within Global History Gr1014 Sub-Levels 10.6% B9.4% 100.0%
High Level 4  Count 40 G613 658
% within Global History Gr1014 Sub-Levels 6.1% 93.9% 100.0%
Total Count 791 4618 5409
% within Global History Gr1014 Sub-Levels 14.6% B5.4% 100.0%
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Identifying Correlations 1 Science

After computing leveled Percentile Scale Scores for each of the science tests from grade 8 to
grade 12 using the SPSS Modeler, the next step in identifying the degree of correlation
between the Science 8 test results and following Living Environment and Earth Science
Regents scores in grades9 and 10 was an ordinal correlation analysis of student position
within performance levels on student performance on the first and following tests. A similar
analysis was conducted on the connection between sub-level performance on grade 9 and 10
Earth Science and Living Environment Regents for students who went on to the grade 11
Chemistry Regents. This tabular analysis indicated that student performance levels on
following tests were significantly aligned with prior performance levels.

The cross-tabular analysis of the connections between Science-8, Living Environment, Earth
Science, Chemistry and Physics indicates that there are many different paths that students
take through these science courses. Nearly a third of students are advanced placed into
grade 8 Earth Science or grade 8 Living Environment. Although most students take the
Science-8, advanced placed students generally do not. Approximately half of Suffolk Country
district sequence students through Earth Science first, then Living Environment with many
students going on to Chemistry and a much smaller number continuing to Physics.
Additionally, nearly half of Suffolk County districts begin their Science Regents sequence with
Living Environment followed by Earth Science, then Chemistry and Physics. Nine different
paths through Science courses from grade 8 to grade 12 were identified and each of these
paths have an impact on the correlation of scores and generate different projections for future
performance. The analysis indicates that the most important factor in projecting future
performance on any of the Science Regents tests is the Regents test that immediately
preceded the current Regents.

Factor Analysis i Science-8 to Earth Science

Next, a factor analysis was conducted to explore the correlations of student scores on the
Science-8assessments and both the following Earth Science and Living Environment
Regents. The following correlation analysis indicated that Science-8 scores are highly
correlated with Earth Science scores. There were 3,958 students who took the 2012

Science-8 Assessment followed by the 2013 Earth Science Regents in grade 9.
Correlation Matrix

Earth
Mew SCI812 Scienced13
Level P-Score | Level P-Score

Correlation Mew SCI1812 Level P-Score 1.000 756
Earth Scienced13 Level P-Score 756 1.000
Sig. (1-tailed) Mew SCIB12 Level P-Score .0oo
Earth Scienced13 Level P-Score .000

Communalities

Initial Extraction
Mew SCI812 Level P-Score 1.000 878
Earth Science913 Level P-Score 1.000 878
Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.756 87.794 87.794 1.756 87.794 87.794
2 244 12.206 100.000
Extraction Method: Principal Component Analysis.
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Factor Analysis i Science-8 to Living Environment
The following correlation analysis indicated that Science-8 scores are also highly correlated
with Living Environment scores. There were 4,782 students who took the 2012 Science-8

Assessment followed by the 2013 Living Environment Regents in grade 9.

[DataSetl] F:\ESBOCESYZ015-16%RCAZO11toZ015ELAsScience. sav

Correlation Matrix

Living
Environmentd
Mew SCI812 13 Level P-
Level P-Score Score
Correlation Mew SCIB12 Level P-Scare 1.000 813
Living Environment813 Level P-Score 813 1.000
Sig. (1-tailed)  Mew SCIB12 Level P-Score .000
Living Environment813 Level P-Score 000
Communalities
Initial Extraction
MNew SCIB12 Level P-Score 1.000 906
Living Environmentd13 Level P-Score 1.000 06

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1813 90.632 90.632 1.813 90.632 90.632
2 18r 9.368 100.000

The following correlation analysis indicated that Living Environment and Earth Science
scores are highly correlated. There were 6,038 students who took the Earth Science

Extraction Mathod: Principal Component Analysis.

Factor Analysis i Earth Science to Living Environment

Regents in grade 9 in 2013 followed by the Living Environment in grade 10. The level of
correlation is high for both paths.

Correlation Matrix
Living
Enviranment1 Earth
014 Level P- Scienced! 3
Score Level P-Score
Correlation Living Environment1014 Level P-Score 1.000 730
Earth Scienced13 Level P-Score 730 1.000
Sig. (1-tailed)  Living Environmenti1 014 Level P-Score .0oo
Earth Scienced13 Level P-Score .ooo
Communalities
Initial Extraction
Living Environment! 014 Level P-Score 1.000 R-124]
Earth Scienced13 Level P-Score 1.000 B6S

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Compaonant Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.730 86.509 86.509 1.730 86.509 86.509
2 270 13.491 100.000

Extraction Method: Principal Component Analysis.
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Factor Analysis 1 Living Environment to Earth Science
Living Environment performance is also highly correlated with Earth Science performance

when it is taken first. There were 3,598 students took the 2013 Living Environment Regents
test in grade 9 followed by the Earth Science Regents in grade 10.

Correlation Matrix
Living
Environments Earh
13 Level P- Science1014
Score Level P-Score
Correlation Living Environment313 Level P-Score 1.000 715
Earth Science1014 Level P-Score T15 1.000
Sig. (1-tailed)  Living Ernvironment13 Level P-Score .00o0
Earth Science1014 Level P-Score .000
Communalities
Initial Extraction
Living Environmentd1 3 Level P-Scare 1.000 .8a7
Earth Science1014 Level P-Score 1.000 .8a7

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.715 85.727 85727 1.715 BE.727 BE.727
2 285 14273 100.000

Extraction Method: Principal Component Analysis.

Factor Analysis 1 Living Environment to Chemistry
Living Environment and Earth Science are both correlated highly with Chemistry. 3,770

Suffolk County students as took Living Environment in grade 10 in 2014 followed by

Chemistry in grade 11.

Correlation Matrix
Living
Environment1 Chemistry111
014 Level P- § Level P-
Score Score
Caorrelation Living Environment1014 Level P-Score 1.000 GaT
Chemistry1115 Level P-Score BBT 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Score .0oo
Chemistry1115 Level P-Score 000
Communalities
Initial Extraction
Living Environment1014 Level P-Score 1.000 783
Chemistry1115 Level P-Score 1.000 793
Extraction Method: Principal Component Analysis.
Total Variance Explained
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.587 79.349 79.349 1.587 79.349 79.349
2 413 20.651 100.000

Extraction Method: Principal Component Analysis.
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Factor Analysis 1 Earth Science to Chemistry

Smaller, although a significant number of students took the Earth Science just before the
Chemistry Regents. 1,896 students took Earth Science in grade 9 followed by Chemistry in
grade 10. Fewer students took Earth Science in grade 10 followed by Chemistry in grade 11.
Presented below are the grade 9 Earth Science to grade 10 Chemistry correlation matrix.
[Patasetl] F:\ESBOCESNZ015-16%RCAZO11£0Z015ELALScience. sav

Correlation Matrix
Chemistry101 Earth
4 Level P- Scienced13
Score Level P-Score
Correlation Chemistry1014 Level P-Score 1.000 682
Earth Scienced13 Level P-Score 682 1.000
Sig. (1-tailed)  Chemistry1014 Level P-Score .0oo
Earth Scienced13 Level P-Score 0an
Communalities
Initial Extraction
Chemistry1014 Level P-Score 1.000 a4
Earth Scienced13 Level P-Score 1.000 a4

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofWariance | Cumulative % Total % of Variance | Cumulative %
1 1.682 84,124 84,124 1.682 84124 84,124
2 318 15.876 100.000

Extraction Method: Principal Component Analysis.

Factor Analysis i Chemistry to Physics
Fewer students went on to take Physics after taking Chemistry. A new file was used to
identify students who took Physics in 2015 who had taken Chemistry in the prior two years.
There were 6,902 students took Chemistry in grade 10 or 11 followed by Physics in 2015.
Correlations between the two tests are strong. Below is the grade correlation matrix for
Chemistry followed by Physics.

Correlation Matrix
Chemistry111
5 Level P- Physics15
Score Level P-Score
Correlation Chemistry1 1156 Level P-Scare 1.000 715
Physics15 Level P-Score 715 1.000
Sig. (1-tailed)  Chemistry1115 Level P-Score .0o0o0
Physics15 Level P-Score 000
Communalities
Initial Extraction
Chemistry1115 Level P-Score 1.000 .Ba7
Physics15 Level P-Score 1.000 B&7

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Sguared Loadings
Component | Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1715 85736 85736 1.715 85736
2 285 14,264 100.000

Extraction Method: Principal Component Analysis.
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Partial Correlation Analysis i
Science-8, Earth Science, Living Environment, Chemistry and Physics

Although the initial analysis of the relationship between Science tests indicated that they were
strongly related, the next step was to test this relationship among students with special
statuses. A partial correlation analysis was done to evaluate the strength of the relatedness
of Science scores among Students with Disabilities (SWD), Limited English Proficient
students/English language Learners (LEP/ELL) and Low Income students. The following
SPSS Modeler analysis tables indicate that the relationship between the Science-8 and
following Earth Science scores is quite strong for all status groups. There were 1,011
disabled students who took both the Science-8 and the Earth Science Regents in grade 9.
There were 205 English Language Learners who took both the Science-8 and the grade 9
Earth Science Regents. There were 2,481 low-income students who took the Science-8 in
2010 and the Earth Science Regents in grade 9. The following partial correlation matrix
tables indicate that the correlation between these two tests holds for all status groups.

Science-8 to the Grade 9 Earth Science Regents among
Students with Disabilities

Correlation Matrix®

Earth
Mew SCI812 Scienced13
Level P-Score Level P-Score
Correlation Mew SCI812 Level P-Score 1.000 g8
Earth Sciencef13 Level P-Score Ti8 1.000
Sig. (1-tailed)  Mew SCI1312 Level P-Score .000
Earth Scienced13 Level P-Score 000

a. Only cases forwhich Disahility =1 are used in the analysis phase.

Communalities®

Initial Extraction
Mew SCI1812 Level P-Score 1.000 859
Earth Scienced13 Level P-Score 1.000 859

Extraction Method: Principal Component Analysis.

a. Only cases for which Disability=1 are usedin
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.714 85.877 85.877 1.718 85877 BE.BTT
2 282 14.123 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability =1 are used in the analysis phase.
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Science-8 to the Grade 9 Earth Science Regents among
English Language Learners

Correlation Matrix®

Earth
Mew SCI812 Scienced13
Level P-Score | Level P-Score
Caorrelation Mew SCI812 Level P-Score 1.000 631
Earth Scienced13 Level P-Score B3 1.000
Sig. (1-tailed)  Mew SCI812 Level P-Score .ooo
Earth Scienced13 Level P-Score .000

a. Only cases for which Limited English Proficient=1 are used in the analysis
phase.

Communalities®

Initial Extraction
Mew SCI812 Level P-Score 1.000 816
Earth Science913 Level P-Score 1.000 816

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=
1 are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Tatal % of Variance | Cumulative % Total % ofWariance | Cumulative %
1 1.631 81.562 81.562 163 81.562 81.562
2 369 18.438 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Science-8 to the Grade 9 Earth Science Regents among
Low Income Students

Correlation Matrix®

Earth
Mew SCI812 Science913
Level P-Score | Level P-Score
Carrelation Mew SCI812 Level P-Scaore 1.000 743
Earth Scienced13 Level P-Scare 743 1.000
Sig. (1-tailed) Mew SCI812 Level P-Score ooa
Earth Scienced1 3 Lavel P-Score .ooo

a. Only cases forwhich Low-Income = 1 are used in the analysis phase.

Communalities®
Initial Extraction
Mew SCI1812 Level P-Score 1.000 87
Earth Scienced13 Level P-Scare 1.000 a7

Extraction Method: Principal Compaonent Analysis.

a. Only cases forwhich Low-Income = 1 are used in
the analysis phase.

Total Variance Explained?®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % ofWariance | Cumulative %
1 1.743 B7.144 87.144 1.743 B7.144 87.144
2 287 12.856 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Science-8 to the Grade 9 Living Environment Regents among

Students with Disabi

The following SPSS Modeler analysis tables indicate that the relationship between the
Science-8 and following Living Environment scores is quite strong for all status groups.

lities

There were 978 disabled students who took both the Science-8 and the Living Environment
Regents in grade 9. There were 229 English Language Learners who took both the Science-
8 and the grade 9 Living Environment Regents. There were 2,243 low-income students who
took the Science-8 in 2010 and the Living Environment Regents in grade 9. The following
partial correlation matrix tables indicate that the correlation between these two tests holds for

all status groups and are stronger than the correlations between Science-8 and Living

Environment Regents for these status groups.

Correlation Matrix®
Living
Environmentd
Mew SCI812 13 Level P-
Level P-Scaore Score
Correlation Mew SCI812 Level P-Score 1.000 32
Living Environmentd1 3 Level P-Score 732 1.000
Sig. (1-tailed) MNew SCI812 Level P-Score 000
Living Environmentd13 Level P-Score .0oo

a. Only cases forwhich Disability=1 are used inthe analysis phase.

Communalities®

Initial Extraction
Mew SCI812 Level P-Score 1.000 866
Living Enviranment313 Level P-Score 1.000 866

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disability=1 are used in the

analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.732 B6.613 B6.613 1.732 86.613 86.613
2 268 13.387 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Disability=1 are used inthe analysis phase.
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Science-8 to the Grade 9 Living Environment Regents among
English Language Learners

Correlation Matrix®

Living
Environmentd
Mew SCI812 13 Level P-
Level P-Score Score
Correlation Mew SCI1812 Level P-Score 1.000 683
Living Environmentd1 3 Level P-Score 683 1.000
Sig. (1-tailed)  MNew SCIB12 Level P-Score ]
Living Environmentd13 Level P-Score 000
a. Only cases forwhich Limited English Proficient= 1 are used in the analysis
phase.
Communalities®
Initial Extraction
Mew SCI812 Level P-Score 1.000 846
Living Environmentd1 3 Level P-Score 1.000 846

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient= 1 are
used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.693 84.647 84.647 1.693 84647 84 647
2 307 16.353 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Science-8 to the Grade 9 Living Environment Regents among
Low Income Students

Correlation Matrix®
Living
Environmentd
Mew SCI812 13 Level P-
Level P-Score Score
Correlation MNew SCI812 Level P-Score 1.000 793
Living Environmentd13 Level P-Score REE 1.000
Sig. (1-tailed)  MNew SCI812 Level P-Score .ooo
Living Environmentd13 Level P-Score .0o0

a. Only cases for which Low-Income = 1 are used inthe analysis phase.

Communalities®
Initial Extraction
Mew SCI812 Level P-Score 1.000 896
Living EnvironmentS913 Level P-Score 1.000 886

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.793 89.633 89.633 1.793 89.633 89.633
2 207 10.367 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used inthe analysis phase.
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Grade 9 Earth Science to Grade 10 Living Environment Regents among
Students with Disabilities

The following SPSS Modeler analysis tables indicate that the relationship between the grade
9 Earth Science and following Living Environment scores is quite strong for all status groups.
There were 935 disabled students who took both the grade 9 Earth Science and the Living
Environment Regents in grade 10. There were 201English Language Learners who took both
the Earth Science in grade 9 and the grade 10 Living Environment Regents. There were
2,161 low-income students who took the Earth Science Regents in grade 9 and the Living
Environment Regents in grade 10. The following partial correlation matrix tables indicate
that the correlation between these two tests holds for all status groups.

Correlation Matrix®

Living
Environment1 Earth
014 Level P- Science913
Score Level P-Score
Correlation Living Erwvironment1 014 Level P-Score 1.000 732
Earth Science913 Level P-Score 73z 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Score 000
Earth Science913 Level P-Score .0oa

a. Only cases for which Disahility =1 are used in the analysis phase.

Communalities®

Initial Extraction
Living Erwironment1 014 Level P-Score 1.000 866
Earth Scienced13 Level P-Score 1.000 866

Extraction Method: Principal Component Analysis.

a. Only cases for which Disability=1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.732 86.623 86.623 1.732 26.623 86.623
2 .268 13.377 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility= 1 are used in the analysis phase.
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Grade 9 Earth Science to Grade 10 Living Environment Regents among
English Language Learners

Correlation Matrix®

Living
Environment1 Earth
014 Level P- Scienced13
Score Level P-Score
Caorrelation Living Environment1014 Level P-Score 1.000 |
Earth Scienced13 Level P-Score B21 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Scaore .000
Earth Scienced13 Level P-Score .ooo

a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Communalities®
Initial Extraction
Living Environment1 014 Level P-Scare 1.000 BN
Earth Science913 Level P-Score 1.000 BN

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient= 1 are
used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Tatal % of Variance | Cumulative % Tatal % ofVariance | Cumulative %
1 1.621 81.053 81.053 1.621 81.053 81.063
2 378 18.947 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Grade 9 Earth Science to Grade 10 Living Environment Regents among
Low Income Students
Correlation Matrix®

Living
Environment1 Earth
014 Level P- Scienced13
Score Level P-Score
Correlation Living Environment1 014 Level P-Score 1.000 705
Earth Science913 Level P-Score 708 1.000
Sig. (1-tailed)  Living Environment101 4 Level P-Scare .0oa
Earth Scienced13 Level P-Score ]

a. Only cases forwhich Low-Income = 1 are used in the analysis phase.

Communalities®
Initial Extraction
Living Environment1014 Level P-Score 1.000 .8h2
Earth Scienced13 Level P-Score 1.000 .8h2

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income =1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.705 85.232 85.232 1.705 85.232 85.232
2 .295 14.768 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Grade 9 Living Environment to Grade 10 Earth Science Regents among

Students with Disabilities

The following SPSS Modeler analysis tables indicate that the relationship between the grade
9 Living Environment and following Earth Science scores is quite strong for all status groups.
There were 713 disabled students who took both the grade 9 Living Environment Regents
and the Earth Science Regents in grade 10. There were 162 English Language Learners who

took both the Living Environment Regents in grade 9 and the grade 10 Earth Science

Regents. There were 1,557 low-income students who took the Living Environment Regents
in grade 9 and the Earth Science Regents in grade 10. The following partial correlation
matrix tables indicate that the correlation between these two tests holds for all status groups.

Correlation Matrix®
Living
Ervironmentd Earth

13 Level P- Science1014
Score Level P-Score
Correlation Living Environment13 Level P-Score 1.000 696
Earth Science1014 Level P-Score B96 1.000
Sig. (1-tailed)  Living Environment31 3 Level P-Score 000

Earth Science1014 Level P-Score .000

a. Only cases for which Disahility= 1 are used in the analysis phase.

Communalities®

Initial Extraction
Living Enviranmentd1 3 Level P-Score 1.000 .848
Earth Sciencel1014 Level P-Score 1.000 .848

Extraction Method: Principal Component Analysis.

a. Only cases for which Disability = 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.696 84.778 84.779 1.696 84.774 B4.779
2 .304 16.2M 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability = 1 are used in the analysis phase.
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Grade 9 Living Environment to Grade 10 Earth Science Regents among

English Language Learners

Correlation Matrix®

Living
Environmentd Earth
13 Level P- Sciencel014
Score Level P-Score
Correlation Living Environment913 Level P-Score 1.000 674
Earth Science1014 Level P-Score 679 1.000
Sig. (1-tailed)  Living EnvironmentS13 Level P-Score .0oo
Earth Science1014 Level P-Score .0oo

a. Only cases for which Limited English Proficient=1 are used in the analysis

phase.

Communalities®
Initial Extraction
Living Environmentd13 Level P-Score 1.000 840
Earth Science1014 Level P-Score 1.000 840

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1 are
used inthe analysis phase.

Total Variance Explained?

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.679 83.965 83.965 1.679 83.965 83.965
2 321 16.035 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Grade 9 Living Environment to Grade 10 Earth Science Regents among

Low Income Students

Correlation Matrix®
Living
Environmentd Earth

13 Level P- Science1014
Score Level P-Score
Correlation Living Environmentd13 Lavel P-Score 1.000 695
Earth Science1014 Level P-Score 695 1.000
Sig. (1-tailed)  Living Environment91 3 Level P-Score .ooo

Earth Science1014 Level P-Score .000

a. Only cases forwhich Low-Income = 1 are used in the analysis phase.

Communalities®

Initial Extraction
Living Environmenta13 Level P-Score 1.000 847
Earth Science1014 Level P-Score 1.000 847

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used inthe
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.695 84741 B4.741 1.685 84741 84,741
2 305 15.259 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Grade 10 Living Environment to Grade 11 Chemistry Regents among
Students with Disabilities

The following SPSS Modeler analysis tables indicate that the relationship between the grade
10 Living Environment and following Chemistry scores is strong for all status groups, except
for English Language Learners because of insufficient numbers of ELL students taking both
tests. Overall, the correlations for subgroups are not as strong as the correlations between
Living Environment and Earth Science. There were 268 disabled students who took both the
grade 10 Living Environment Regents and the Chemistry Regents in grade 11. There were
80English Language Learners students who took both the Living Environment Regents in
grade 10 and the grade 11Chemistry Regents. There were 1,166 low-income students who
took the Living Environment Regents in grade 10 and the Chemistry Regents in grade 11.
Because of the minimal numbers of English Language Learners taking both tests projections
were only possible for two sub-level populations. The following partial correlation matrix
tables indicate that the correlation between these two tests holds for all status groups.

Correlation Matrix®
Living
Environment1 Chemistry111
014 Level P- i Level P-
Score Score
Correlation Living Enviranment! 014 Level P-Score 1.000 603
Chemistry1115 Level P-Score 603 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Scaore .000
Chemistry1115 Level P-Score 000

a. Only cases forwhich Disahility=1 are used in the analysis phase.

Communalities®

Initial Extraction
Living Environment1014 Level P-Score 1.000 802
Chemistry1115 Level P-Score 1.000 802

Extraction Method: Principal Component Analysis.

a. Only cases for which Disahility=1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.603 80.167 80167 1.603 80167 BOAGT
2 387 19.833 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility=1 are used in the analysis phase.
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Grade 10 Living Environment to Grade 11 Chemistry Regents among

English Language Learners

Correlation Matrix®

Living
Environment! | Chemistry111
014 Level P- 5 Level P-
Score Score
Correlation Living Environment1014 Level P-Score 1.000 705
Chemistry1115 Level P-Scare 708 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Score .0oo
Chemistry1115 Level P-Score 000

a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Communalities®

Initial Extraction
Living Environment1 014 Level P-Score 1.000 .BE3
Chemistry1115 Level P-Score 1.000 .B53

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1 are
used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.705 85.265 85.265 1.705 85.265 85.265
2 285 14,735 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Grade 10 Living Environment to Grade 11 Chemistry Regents among
Low Income Students

Correlation Matrix®
Living
Environment1 Chemistry111
014 Level P- 5 Level P-
Score Score
Correlation Living Environmenti1 014 Level P-Score 1.000 AT2
Chemistry1115 Level P-Score E72 1.000
Sig. (1-tailed)  Living Environment1014 Level P-Score .0oo
Chemistry1115 Level P-Scare 000

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®
Initial Extraction
Living Erwironment1014 Level P-Scaore 1.000 786
Chemistry1115 Level P-Score 1.000 786

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.572 78.609 78.609 1.572 78.609 78.609
2 428 21.391 100.000

Extraction Method: Principal Companent Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Grade 10 Earth Science to Grade 11 Chemistry Regents among

Students with Disabilities

There were 137 disabled students who took both the grade 10 Living Environment Regents
and the Chemistry Regents in grade 11. There were only 49English Language Learners who
took both the Earth Science Regents in grade 10 and the grade 11 Chemistry Regents.
Because of the small number of ELL students taking both tests projections for ELL students

going from Earth Science to Chemistry are not possible. There were 697 low-income

students who took the Earth Science Regents in grade 10 and the Chemistry Regents in
grade 11. The following partial correlation matrix tables indicate that the correlation between
these two tests holds for all status groups.

Correlation Matrix®
Chemistry101 Earth
4 Level P- Scienced13
Score Level P-Score
Correlation Chemistry1014 Level P-Score 1.000 817
Earth Science13 Level P-Score 617 1.000
Sig. (1-tailed) Chemistry1014 Level P-Score .ooo
Earth Science913 Level P-Score 000

a. Only cases forwhich Disahility= 1 are used in the analysis phase

Communalities®

Initial Exdr:

action

Chemistry1014 Level P-Score 1.000
Earth Scienced13 Level P-Score 1.000

.08
808

Extraction Method: Principal Component Analysis

a. Only cases forwhich Disahility= 1 are used in
the analysis phase.

Total Varian

ce Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component | Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.617 80.832 80.832 1.617 80.832 80.832
2 .383 18.168 100.000

Extraction Method: Principal Component Analysis
a. Only cases forwhich Disability= 1 are used in the analysis phase.

Grade 10 Earth Science to Grade 11 Chemistry Regents among

Low Income Students

Correlation Matrix®

Chemistry101 Earth
4 Level P- Scienced13
Score Level P-Score
Correlation Chemistry1014 Level P-Scare 1.000 553
Earth Scienced13 Level P-Score 553 1.000
Sig. (1-tailed)  Chemistry1014 Level P-Scare ooo
Earth Scienced13 Level P-Score .000

a. Only cases forwhich Low-Income = 1 are used in the analysis phase

Communalities™

Initial Extraction

Chemistry1014 Level P-Score 1.000
Earth Science913 Level P-Score 1.000

776
776

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income =1 are used in
the analysis phase

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Sguared Loadings

Component | Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.553 T7.648 T7.648 1.553 T7.648 T7.648
2 447 22.352 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income =1 are used in the analysis phase
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Grade 10 and 11 Chemistry to Grade 11 and 12 Physics Regents among
Students with Disabilities

There were 116 disabled students who took both the grade 10 or 11 Chemistry Regents
followed by the Physics Regents in 2014. There were only 16English Language Learners
students who took both the Chemistry Regents followed by the Physics Regents. As a result
of these low numbers of English Language Learners taking these two tests projections
cannot be done for this status group for Physics. There were 1,181 low-income students who
took the Chemistry Regents followed by the Physics Regents. The following partial
correlation matrix tables indicate that the correlation between these two tests holds for
Students with Disabilities and Low Income status groups.

Grade 10 and 11 Chemistry to Grade 11 and 12 Physics Regents among

Students with Disabilities

Correlation Matrix®
Chemistry111
5 Level P- Fhysics15
Score Level P-Score
Correlation Chemistry1115 Level P-Score 1.000 739
Physics15 Level P-Score 7349 1.000
Sig. (1-tailed)  Chemistry1115 Level P-Score .0oo
Physics146 Level P-Score 000

a. Only cases forwhich Disability=1 are used in the analysis phase

Communalities®

Initial Extraction
Chemistry1115 Level P-Score 1.000 .BE9
Physics15 Level P-Score 1.000 869

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disability=1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.739 86.938 86.938 1.739 86.938 86.938
2 L2681 13.062 100.000

Extraction Method: Principal Component Analysis
a. Only cases forwhich Disability=1 are used in the analysis phase.

Grade 10 and 11 Chemistry to Grade 11 and 12 Physics Regents among
Low Income Students

Correlation Matrix™
Chemistry111
5 Level P- Physics15
Score Level P-Score
Correlation Chemistry1115 Level P-Score 1.000 67T
Physics15 Level P-Score B77 1.000
Sig. (1-tailed)  Chemistry1115 Level P-Score .0oo
FPhysics15 Level P-Score 000

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®

Initial Extraction
Chemistry1115 Level P-Score 1.000 .B3e
Physics15 Level P-Score 1.000 .B38

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income =1 are used
in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Tatal % of Variance | Cumulative % Tatal % of Variance | Cumulative %
1 1.6877 83.846 83.846 1.677 83.846 B3.846
2 323 16154 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase
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Predictive Analytic Tests/Processes-Science

Rule Induction Tests

Just as the Rule Induction tests were used to generate projections for the English, Global
History and United State History Regents, the SPSS Modeler was also used to create
prediction models for each of the Science paths from grade 8 to graduation. Due to the
dependent or target variables in the study are the leveled percentile outcomes on specific
Regents tests (Living Environment, Earth Science Chemistry and Physics), the Rule
Induction Test used to develop predictions based upon prior Science-tests was the Neural
Net. The first image below is the data stream test for the prediction of a series of Science
Regents scores in the four most common paths through Science starting with Science-8,
Living Environment-9, or Earth Science-8 and progressing through several science Regents
tests to Physics. The following Modeler Neural Net Chart indicates the relative prediction
significance of the prior science P-Scores for Students with Disabilities, English Language
Learners and Low Income status in the prediction of each of the following science Regents
tests. The successful projection of each of the science Regents scores is disproportionately
based upon the prior science test score; however Students with Disabilities status, English
Language Learners status play a significant role.

Modeler Science Data Stream and Paths through Secondary Science
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Science-8 to Grade 9 Earth Science Regents
Predictor Importance
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Science-8 to Grade 9 Living Environment Regents
Predictor Importance

Target: Living Environment913 Level P-Score

Mew SCI812 Level
P-Score

Disability

Limited Enaglish

Low-Income :|

Froficient
0.0 0z 0.4 06 0s8 1.0
[NewSCI812PScorel
[ |
Least Important Maost Important

Earth Science to Grade 10 Living Environment Regents
Predictor Importance

Target: Living Environment1014 Level P-Score

Earth Scienced13
Level P-Score

Disabhility

Low-Income ]

Limited English

| m—

Proficient
0.0 0.2 04 06 0a 1.0
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Earth Science to Grade 11 Chemistry Regents
Predictor Importance
Target: Chemistry1115 Level P-Score

Earth Science1014
Level P-Score
Low-Income
Disability ! ! ! !
Limited English
Proficient ! ! ! !
i i | |
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Living Environment to Grade 10 Earth Science Regents
Predictor Importance

Target: Earth Science1014 Level P-Score
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Level P-Score

Disahility : : : :
Limited Enalish : ; : :
Proficient
Low-Income
| i | |
0.0 0.2 0.4 0 08 1.0
[LIVENVE13F Scare]
r |
Least Important Most Important
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Living Environment to Grade 11 Chemistry Regents
Predictor Importance

Target: Chemistry1115 Level P-Score

Living
Environment1 014
Level P-Scare

Low-Income

DiSEb”iW]
a

Limited English

Froficient
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Chemistry to Grade 11 and 12 Physics Regents
Predictor Importance

Target: Physics15 Level P-Score

Chemistryl 1156
Level P-Score
Limited English | : i :
Proficient : 0 : 0
Low-Income
Disability ] 5 5 5 5
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Establish Rule Sets for Earth Science, Living Environment, Chemistry and
Physics Projections

The SPSS Modeler6 s C5. 0 model I's one of the models wuse
predictions. It simplifies the complexity of the data by identifying target cases that do not

meet the pre-established rules. Sub-levels were introduced into the predictive model so that

future scores would be predicted based upon the scores of students in short score ranges

separately for non-status students, Students with Disabilities, Limited English Proficiency
students/English Language Learners and Low Income students. Two related sets of

predictions were generated to set high and low predictions with different rates of confidence.

The sametwor ul es wer e us-eddbopretdecfihbpgh of science
were used for Global History, U.S. History and English Regents scores. Rule 1 = Rule 1,

applies to each sub-level group and each status group including students with disabilities,

English Language Learners and Low Income students. Projections will not be supported

unless at least 100 students or more connect the two tests for any status group. The

prediction is essentially determined at the top end of the predictive range by the mean

average performance of students in prior performance sub-levels on the ELA-8 or Global

History Assessments.

Therulesusedfort he conserermdd ver dijl vt i ons of frenci ence |
prior science scores follow. Rule 2 = 80% or more of all target cases should be equal to

above the minimum projection for all sublevel groups based upon prior scores. Rule 2

applies to each sub-level group and each status group including Students with Disabilities,

English Language Learners and Low Income students. Projections will not be supported

unless at least 100 students or more connect the two tests for any status group. The i | -0 w

endo projections are calculated by expanding tl
of 80% successful prediction for each short score range from the prior test. If there were

fewer than 10 students in any sub-level group from the prior test, the generated projection

was suppressed in the projection tables to ensure that projections were based upon

representative clusters of students.

Generating Projections

Using the rule sets described, the projections below were exported into Excel. The first
projections are for Earth Science from either prior Science-8 or Living Environment scores.
The Earth Science Regents projections scores have been converted to equivalent scale
scores for use as projections for similar students. Once the high and low projections were
generated a mid-point projection was added in order to give the end-user a range from low to
high to establish student performance targets.
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Testing Projections

After the projections were written to the regional longitudinal data file for all students who took

the Science-8, Living Environment, Earth Science or Chemistry Regents and a following

science Regents, the-emd®t pconpeetvanisveefiltowal i
tables in the SPSS Modeler that identified successful predictions and unsuccessful

predictions. In each of the tables below the counts and percentagesi n t he Ayeso col
identifies the rate of that actual student outcomes on the target test were at or above the

projection for the relevant sub-level group. The projections are validated when the successful

prediction rate is 80% or higher for every sub-group with a projection.

Test of Science-8 to Earth Science Regents Projections
Non-Status Students

MNew ScienceB812 Sub Levels * NOSTATESci9Pre Crosstabulation

MOSTATESCiGPTe
Mo fes Total

Mew Science812 Sub Levels  Mid Level 2 Count 4 19 23
% within Mew Scienced12 Sub Levels 17.4% 82.6% 100.0%

High Level 2 Count 17 73 a0

% within Mew Scienced12 Sub Levels 18.9% 81.1% 100.0%

Low Level 3 Count 45 2 266

% within Mew Scienced12 Sub Levels 16.9% 83.1% 100.0%

Mid Level 3 Count 25 405 4590

% within Mew Scienced12 Sub Levels 17.3% 82.7% 100.0%

High Level 3 Count 215 91 1136

% within Mew Scienced12 Sub Levels 18.9% 81.1% 100.0%

Low Level 4  Count 157 829 986

% within Mew Science812 Sub Levels 15.9% 84.1% 100.0%

Mid Level 4 Count 128 527 G56

% within Mew Science12 Sub Levels 18.7% 80.3% 100.0%

High Level 4 Count 4 38 42

% within Mew Scienced12 Sub Levels 9.5% 90.5% 100.0%

Total Count G56 3033 3689
% within Mew Scienced12 Sub Levels 17.8% 82.2% 100.0%
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Test of Science-8 to Earth Science Regents Projections
Students with Disabilities

New Science812 Sub Levels * IEPESci9Pre Crosstabulation

IEPESCi9PTe
Mo fes Total
Mew Science812 Sub Levels  High Level 1 Count 3 17 20
% within Mew Science812 Sub Levels 15.8% 24.2% 100.0%
Low Level 2 Count 2 35 ar
% within Mew Science812 Sub Levels 5.4% 94 6% 100.0%
Mid Level 2 Count 11 G5 a0
% within Mew Science812 Sub Levels 13.8% 26.3% 100.0%
High Level 2 Count 17 102 1149
% within Mew Science812 Sub Levels 14.3% 85.7% 100.0%
Low Level 3 Count 18 177 185
% within Mew Science812 Sub Levels 59.2% 490.8% 100.0%
Mid Level 3 Count 24 177 20
% within Mew Science812 Sub Levels 11.9% a28.1% 100.0%
High Level 3 Count 21 193 214
% within Mew Science812 Sub Levels 59.8% 490.2% 100.0%
Low Level 4 Count 7 v a4
% within Mew Science812 Sub Levels 8.3% 91.7% 100.0%
Mid Level 4 Count 3 53 56
% within Mew Science812 Sub Levels 5.4% 94 6% 100.0%
Total Count 106 aa4 1005
% within Mew Science812 Sub Levels 10.5% 25.5% 100.0%
Test of Science-8 to Earth Science Regents Projections
English Language Learners
MNew Science812 Sub Levels * ELLESci9Pre Crosstabulation
ELLESci9Pre
Mo fes Total
Mew Science812 Sub Levels  Low Level 2 Count 4 20 24
% within Mew Science812 Sub Levels 16.7% 233.3% 100.0%
Mid Level 2 Count ] 29 34
% within Mew Scienced12 Sub Levels 14.7% 85.3% 100.0%
High Level 2 Count ] N 36
% within Mew Scienced12 Sub Levels 13.9% 86.1% 100.0%
Low Level 3 Count A 38 43
% within Mew Science812 Sub Levels 11.6% 2a8.4% 100.0%
Mid Level 3 Count 3 24 27
% within Mew Scienced12 Sub Levels 11.1% 2E8.9% 100.0%
High Level 3 Count 4 17 1
% within Mew Science812 Sub Levels 159.0% 81.0% 100.0%
Total Count 26 1549 185
% within Mew Science812 Sub Levels 141% 85.9% 100.0%
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Test of Science-8 to Earth Science Regents Projections
Low Income Students
New Science812 Sub Levels * LowincESci9Pre Crosstabulation

LowIncESci9Pre
Mo ¥es Total

Mew Science812 Sub Levels  High Level 1  Count 3 22 25
% within Mew Scienced12 Sub Levels 12.0% 88.0% 100.0%

Low Level 2 Count g 45 A4
% within Mew Scienced12 Sub Levels 16.7% 83.3% 100.0%

Mid Level 2 Count 21 111 132
% within Mew Scienced12 Sub Levels 15.8% 84.1% 100.0%

High Level 2  Count 41 166 207
% within Mew Science812 Sub Levels 19.8% 20.2% 100.0%

Low Level 3 Count 72 305 arT
% within Mew Science812 Sub Levels 19.1% 280.9% 100.0%

Mid Level 3 Count B6 367 453
% within Mew ScienceB12 Sub Levels 19.0% 81.0% 100.0%

HighLevel 3 Count 123 546 679
% within Mew Science812 Sub Levels 18.1% 81.9% 100.0%

Low Level 4  Count 63 282 345
% within Mew ScienceB12 Sub Levels 18.3% a1.7% 100.0%

Mid Level 4 Count 25 166 181
% within Mew Science812 Sub Levels 13.1% 86.9% 100.0%

Total Count 443 2020 2463
% within Mew Science812 Sub Levels 18.0% 82.0% 100.0%

Test of Living Environment to Earth Science Regents Projections
Non-Status Students

Living Emaronment Gr913 Levels * NOSTATESci10Pre Crosstabulation

MOSTATESci1OPre
Mo es Total
Living Environment Gra13 Levels  Mid Level 2 Count 4 16 20
% within Living Environment Grd13 Levels 20.0% B0.0% 100.0%
High Level 2 Count ] 22 27
% within Living Environment Gri13 Levels 18.5% 81.5% 100.0%
Low Level 3 Count Kl] 158 187
% within Living Environment Grd13 Levels 19.8% B80.2% 100.0%
Mid Level 3 Count 68 306 374
% within Living Environment Grd1 3 Levels 18.2% 81.8% 100.0%
High Level 3 Count 83 369 467
% within Living Environment Grd13 Levels 19.3% B0.7T% 100.0%
Low Level 4 Count 65 272 337
% within Living Environment Gr313 Levels 19.3% B0.7% 100.0%
Mid Level 4 Count a0 139 169
% within Living Environment Grd13 Levels 17.8% B2.2% 100.0%
High Level 4  Count 4 22 26
% within Living Environment Grd13 Levels 15.4% B4.6% 100.0%
Total Count 303 1304 1607
% within Living Enviranment Gra13 Levels 18.9% 81.1% 100.0%
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Test of Living Environment to Earth Science Regents Projections
Students with Disabilities

Living Emvironment Gr913 Levels * IEPESci10Pre Crosstabulation

IEPESci10Pre
Mo Yes Total
Living Environment Gra13 Levels  High Level1  Count 3 a2 a5
% within Living Environment Gra13 Levels 35% 96.5% 100.0%
Low Level 2 Count 4 23 27
% within Living Environment Gra13 Levels 14 8% 85.2% 100.0%
Mid Level 2 Count a a5 63
% within Living Environment Gro13 Levels 12.7% 87.3% 100.0%
High Level 2 Count 7 48 55
% within Living Environment Gro13 Levels 12.7% 87.3% 100.0%
Low Lewvel 3 Count 18 124 142
% within Living Environment Gro13 Levels 12.7% 87.3% 100.0%
Mid Level 3 Count 14 127 141
% within Living Environment Gro13 Levels 59.9% 50.1% 100.0%
High Level 3 Count 17 96 113
% within Living Environment Gr313 Levels 15.0% 85.0% 100.0%
Low Level 4 Count 7 38 45
% within Living Environment Gr313 Levels 15.6% a94.4% 100.0%
Mid Level 4 Count 4 25 33
% within Living Environment Gr313 Levels 12.1% a7.9% 100.0%
Total Count a2 G22 704
% within Living Environment Gr313 Levels 11.6% 88.4% 100.0%
Test of Living Environment to Earth Science Regents Projections
English Language Learners
Living Environment Gr913 Levels * ELLESci10Pre Crosstabulation
ELLESci10Pre
Mo Yes Taotal
Living Environment Gra13 Levels  High Level1  Count i} 26 3z
% within Living Environment Gra13 Levels 18.8% B1.3% 100.0%
High Level 2 Count 1 16 17
% within Living Environment Grd13 Levels 5.9% 94.1% 100.0%
Low Level 3 Count G 28 35
% within Living Environment Grd13 Levels 17.1% 82.9% 100.0%
Mid Level 3 Count 4 27 )
% within Living Environment Gra13 Levels 12.9% 87.1% 100.0%
Total Count 17 98 115
% within Living Environment Grd13 Levels 14.8% 85.2% 100.0%
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Test of Living Environment to Earth Science Regents Projections

Low Income Students

Living Emvironment Gr913 Levels * LowincESci10Pre Crosstabulation

LowlncESci10Pre
Mo Yes Total
Living Environment Gr913 Levels  High Level1  Count g a4 93
% within Living Environment Gré1 3 Levels 9.7% 490.3% 100.0%
Low Level 2 Count 5 27 3z
% within Living Environment Gr913 Levels 15.6% Ad 4% 100.0%
Mid Level 2 Count 10 it 78
% within Living Environment Gr913 Levels 12.8% a7.2% 100.0%
High Level 2 Count 14 74 ga
% within Living Environment Gr913 Levels 15.9% A4 1% 100.0%
Low Level 3 Count a0 208 258
% within Living Environment Gr913 Levels 19.4% A0.6% 100.0%
Mid Level 3 Count T 305 I
% within Living Environment Gr913 Levels 19.9% A0.1% 100.0%
High Level 3 Count 66 264 330
% within Living Environment Gr913 Levels 20.0% A0.0% 100.0%
Low Level 4 Count a0 156 186
% within Living Environment Gra1 3 Levels 16.1% 83.0% 100.0%
Mid Level 4 Count 15 a3 a8
% within Living Environment Gra1 3 Levels 15.3% a4.7% 100.0%
Total Count 275 1268 1544
% within Living Environment Gra1 3 Levels 17.8% 82.2% 100.0%
Test of Science-8 to Living Environment Regents Projections
Non-Status Students
New Science812 Sub Levels * NOSTATLE9Pre Crosstabulation
MOSTATLESPI=
Mo Yes Total
Mew ScienceB812 Sub Levels  Mid Level 2 Count 3 27 a0
% within Mew Science812 Suh Levels 10.0% 90.0% 100.0%
High Level 2 Count 10 63 73
% within Mew Scienced12 Sub Levels 13.7% 36.3% 100.0%
LowlLevel 3 Count 23 161 184
% within Mew Science812 Sub Levels 12.5% a7.5% 100.0%
Mid Level 3 Count 48 278 326
% within Mew Scienced12 Sub Levels 14.7% 85.3% 100.0%
High Level 3 Count 104 508 612
% within Mew Science812 Sub Levels 17.0% 33.0% 100.0%
Low Level 4  Count bl 385 471
% within Mew Science812 Sub Levels 18.3% 81.7% 100.0%
Mid Level 4 Count 55 260 315
% within Mew Science812 Sub Levels 17.5% 82.5% 100.0%
High Level 4  Count 4 22 26
% within Mew Science812 Sub Levels 15.4% 84 6% 100.0%
Total Count 333 1704 2037
% within Mew Science812 Suh Levels 16.3% 83.7% 100.0%
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Test of Science-8 to Living Environment Regents Projections
Students with Disabilities

New Science812 Sub Levels * IEPLE9Pre Crosstabulation

IEPLESFre
Mo fes Total
Mew Science812 Sub Levels  HighLevel1  Count f 78 a4
% within Mew Science812 Sub Levels T1% §92.9% 100.0%
Low Level 2 Count f 72 7a
% within Mew Science812 Sub Levels T.7% §92.3% 100.0%
Mid Level 2 Count g 109 118
% within Mew ScienceB12 Sub Levels 7.6% 92.4% 100.0%
High Level 2 Count 25 147 172
% within Mew ScienceB12 Sub Levels 14.5% 85.5% 100.0%
Low Level 3 Count 17 167 184
% within Mew ScienceB12 Sub Levels §9.2% 490.8% 100.0%
Mid Level 3 Count 17 103 120
% within Mew ScienceB12 Sub Levels 14.2% 85.8% 100.0%
High Level 3 Count 14 119 133
% within Mew ScienceB12 Sub Levels 10.5% 859.5% 100.0%
Low Level 4 Count 4 47 a1
% within Mew ScienceB12 Sub Levels 7.8% 92.2% 100.0%
Mid Level 4 Count 3 28 N
% within Mew Science812 Sub Levels 59.7% 90.3% 100.0%
Total Count 101 aro a7
% within Mew Science812 Sub Levels 10.4% 239.6% 100.0%
Test of Science-8 to Living Environment Regents Projections
English language Learners
Mew Science812 Sub Levels * ELLLE9Pre Crosstabulation
ELLLESPre
Mo ¥es Total

Mew Scienced812 Sub Levels  High Level 1  Count 2 25 27
% within Mew Science812 Sub Levels 7.4% 92.6% 100.0%

Low Level 2 Count f 25 N

% within Mew Science812 Sub Levels 19.4% 230.6% 100.0%

Mid Level 2 Count 4 40 44

% within Mew Science812 Sub Levels 91% 90.9% 100.0%

High Level 2 Count f 36 42

% within Mew Science812 Sub Levels 143% 35.7% 100.0%

Low Level 3 Count 1 35 36

% within Mew Science812 Sub Levels 28% 97.2% 100.0%

Mid Level 3 Count 2 21 23

% within Mew Science812 Sub Levels 8.7% 91.3% 100.0%

High Level 3 Count 1 13 14

% within hew Science812 Sub Levels T1% 92.9% 100.0%

Total Count 22 195 17
% within hew Science812 Sub Levels 101% 89.9% 100.0%
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Test of Science-8 to Living Environment Regents Projections
Low Income Students

New Science812 Sub Levels * LowIncLE9Pre Crosstabulation

LowlncLESPre
Mo Yes Total
Mew Science12 Sub Levels  HighLevel1  Count 11 a1 a2
% within Mew Science812 Sub Levels 12.0% 88.0% 100.0%
Low Level 2 Count 20 a8 108
% within Mew Science812 Sub Levels 18.5% 81.5% 100.0%
Mid Level 2 Count 36 170 206
% within Mew Science812 Sub Levels 17.5% B82.5% 100.0%
High Level 2 Count 45 224 268
% within Mew Science812 Sub Levels 16.7% 83.3% 100.0%
Low Level 3 Count 58 2448 307
% within Mew Science812 Sub Levels 18.9% 81.1% 100.0%
Mid Level 3 Count 65 264 329
% within Mew Science812 Sub Levels 19.8% 80.2% 100.0%
High Level 3 Count 98 397 445
% within New Science812 Sub Levels 18.8% 80.2% 100.0%
Low Level 4 Count 48 223 271
% within New ScienceB812 Sub Levels 17.7% 82.3% 100.0%
Mid Level 4 Count 18 116 134
% within New ScienceB12 Sub Levels 13.4% 86.6% 100.0%
High Level 4 Count 3 16 14
% within New Science812 Sub Levels 15.8% 84.2% 100.0%
Total Count 402 1828 2230
% within New Science812 Sub Levels 18.0% 832.0% 100.0%
Test of Earth Science to Living Environment Regents Projections
Non-Status Students
Earth Science Gr913 Levels * NOSTATLE10Pre Crosstabulation
MOSTATLE1OPre
Mo Yes Total
Earth Science Gr913 Levels  High Level1  Count 3 54 a7
% within Earth Science Gri13 Levels 5.3% 494 7% 100.0%
Low Level 2 Count ] 33 38
% within Earth Science Gra13 Levels 13.2% 26.8% 100.0%
Mid Level 2 Count 10 G4 74
% within Earth Science Gra13 Levels 13.5% B6.5% 100.0%
High Level 2 Count 11 70 a1
% within Earth Science Gri13 Levels 13.6% BE.4% 100.0%
Low Level 3 Count 47 331 378
% within Earth Science Gri13 Laevels 12.4% B7.6% 100.0%
Mid Level 3 Count 108 515 G624
% within Earth Science Gra13 Levels 17.5% B32.5% 100.0%
High Level 3 Count 132 5852 Ga4
% within Earth Science Grd13 Levels 19.3% B0.7% 100.0%
Low Level 4 Count 127 5599 726
% within Earth Science Gri13 Levels 17.5% B2.5% 100.0%
Mid Level 4 Count a7 406 463
% within Earth Science Gra13 Levels 12.3% 87.7% 100.0%
High Level 4  Count 12 93 105
% within Earth Science Gra13 Levels 11.4% B8.6% 100.0%
Total Count 513 2717 3230
% within Earth Science Gri13 Levels 15.8% 84.1% 100.0%
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Test of Earth Science to Living Environment Regents Projections
Students with Disabilities
Earth Science Gr913 Levels * IEPLE10Pre Crosstabulation

IEFLE10PTE
Mo fes Total

Earth Science Gra13 Levels  Mid Level 1 Count 4 23 27
% within Earth Science Gro13 Levels 14.8% 85.2% 100.0%

High Level 1 Count 17 114 131
% within Earth Science Gro13 Levels 13.0% 87.0% 100.0%

Low Level 2 Count 4 38 42
% within Earth Science Gro13 Levels 8.5% 50.5% 100.0%

Mid Level 2 Count a 63 71
% within Earth Science Gro13 Levels 11.3% 88.7% 100.0%

High Level 2 Count i 35 4
% within Earth Science Gro13 Levels 14 6% 85.4% 100.0%

Low Level 3 Count 23 141 164
% within Earth Science Gr413 Levels 14.0% 86.0% 100.0%

Mid Level 3 Count 24 155 178
% within Earth Science Gr413 Levels 13.4% 86.6% 100.0%

High Level 3 Count 24 108 132
% within Earth Science Gr413 Levels 18.2% 81.8% 100.0%

Low Level 4 Count 12 (i g4
% within Earth Science Gr413 Levels 13.5% 86.5% 100.0%

Mid Level 4 Count 3 44 47
% within Earth Science Gr413 Levels f.4% 53.6% 100.0%

Total Count 125 7a8 923
% within Earth Science Gr413 Levels 13.5% 86.5% 100.0%

Test of Earth Science to Living Environment Regents Projections
English Language Learners

Earth Science Gr913 Levels * ELLLE10Pre Crosstabulation

ELLLE10Pre
Mo fes Total

Earth Science Gr313 Levels  High Level 1 Count i 34 40
% within Earth Science Gro1 3 Levels 15.0% 85.0% 100.0%

Mid Level 2 Count 5 20 25

% within Earth Science Gro13 Levels 20.0% 20.0% 100.0%

High Level 2 Count 2 156 17

% within Earth Science Gro1 3 Levels 11.8% 88.2% 100.0%

Low Level 3 Count ] 35 LA

% within Earth Science Gro13 Levels 14 6% 85 4% 100.0%

Mid Level 3 Count 2 24 26

% within Earth Science Gro1 3 Levels 7.7% 92.3% 100.0%

Total Count 21 128 149
% within Earth Science Gro13 Levels 14.1% 25.9% 100.0%
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Test of Earth Science to Living Environment Regents Projections
Low Income Students

Earth Science Gr913 Levels * LowincLE10Pre Crosstabulation

LowlncLE10PTe
Mo Yesg Total

Earth Science Gro13 Levels  Mid Count 4 28 37

Level

1 % within Earth Science Gra13 Levels 12.5% 87.5% 100.0%

High Count 29 187 216

Level o )

1 % within Earth Science Gra13 Levels 13.4% OF F% 100.0%

Low Count 7 68 7h

Leval o )

7 % within Earth Science Gra13 Levels g 3% a0 7% 100.0%

Mid Count 20 114 139

Level

7 % within Earth Science Gra13 Levels 14 4% 85 6% 100.0%

High Count 12 109 11

Level

7 % within Earth Science Gra13 Levels g 5% an.1% 100.0%

Low Count 52 £ 3649

Level o )

3 % within Earth Science Gra13 Levels 14.1% a5 g%, 100.0%

Mid Count a7 386 433

Level

3 % within Earth Science Gra13 Levels 10.9% a0 1% 100.0%

High Count 44 337 aa

Level o )

3 % within Earth Science Gra13 Levels 11.5% a8 A% 100.0%

Low Count 32 196 228

Level

4 % within Earth Science Gra13 Levels 14.0% 96.0% 100.0%

Mid Count 1A 124 134

Level

4 % within Earth Science Gra13 Levels 10.8% a9 79 100.0%

High Count 1 22 23

Leval o )

4 % within Earth Science Gra13 Levels 4 3% 05 79% 100.0%
Total Count 263 18493 2156

% within Earth Science Gra13 Levels 12.2% a37.8% 100.0%
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Test of Earth Science to Chemistry Regents Projections
Non-Status Students

Earth Science Gr1014 Levels * NOSTATEStoChem11Pre Crosstabulation

MOSTATEStoChem11Pre
Mo Yes Total

Earth Science Gr1014 Levels  Mid Level 2 Count 3 13 16
% within Earth Science Gr1014 Levels 18.8% a1.3% 100.0%

High Level 2 Count 2 24 26

% within Earth Science Gr1014 Levels T.7% 92.3% 100.0%

LowLevel 3 Count 15 a8 103

% within Earth Science Gr1014 Levels 14.6% 85.4% 100.0%

Mid Level 3 Count 40 1580 230

% within Earth Science Gr1014 Levels 17.4% 82.6% 100.0%

High Level 3 Count 34 180 218

% within Earth Science Gr1014 Levels 17.8% 82.2% 100.0%

LowLevel4  Count 43 188 241

% within Earth Science Gr1014 Levels 17.8% 82.2% 100.0%

Mid Level 4 Count k)| 166 187

% within Earth Science Gr1014 Levels 15.7% 24.3% 100.0%

High Level 4  Count 11 44 60

% within Earth Science Gr1014 Levels 18.3% a1.7% 100.0%

Total Count 184 408 1082
% within Earth Science Gr1014 Levels 16.8% 83.2% 100.0%

Test of Earth Science to Chemistry Regents Projections
Students with Disabilities

Earth Science Gr1014 Levels * IEPEStoChem11Pre Crosstabulation

IEFEStoChem11Pre
Mo fes Total
Earth Science Gr1014 Levels  Low Level 3 Count 2 20 22
% within Earth Science Gr1014 Levels 9.1% 90.9% 100.0%
Mid Level 3 Count 2 18 20
% within Earth Science Gr1014 Levels 10.0% 90.0% 100.0%
High Level 3 Count 4 30 34
% within Earth Science Gri014 Levels 11.8% 288.2% 100.0%
Low Level 4 Count 3 18 iy
% within Earth Science Gr1014 Levels 14.3% 85.7% 100.0%
Mid Level 4 Count 3 18 iy
% within Earth Science Gr1014 Levels 14.3% 85.7% 100.0%
Total Count 14 103 117
% within Earth Science Gr1014 Levels 12.0% 28.0% 100.0%
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Test of Earth Science to Chemistry Regents Projections
Low Income Students

Earth Science Gr1014 Levels * LowincEStoChem11Pre Crosstabulation

LowlncEStoChem11Pre
Mo fes Total

Earth Science Gr1014 Levels  High Level 1 Count i] 24 24
% within Earth Science Gr1014 Levels 0.0% 100.0% 100.0%

Mid Level 2 Count 1 24 25
% within Earth Science Gri1014 Levels 4.0% 96.0% 100.0%

High Level 2 Count 3 16 19
% within Earth Science Gri1014 Levels 15.8% B4.2% 100.0%

Low Level3  Count 16 72 g8
% within Earth Science Gr1014 Levels 18.2% 81.8% 100.0%

Mid Level 3 Count 18 116 134
% within Earth Science Gr1014 Levels 13.4% B6.6% 100.0%

High Level 3 Count 20 100 120
% within Earth Science Gr1014 Levels 16.7% B3.3% 100.0%

Low Level4  Count 20 93 113
% within Earth Science Gr1014 Levels 17.7% B2.3% 100.0%

Mid Level 4 Count 17 7h 92
% within Earth Science Gr1014 Levels 18.5% B1.5% 100.0%

High Level 4  Count 4 19 23
% within Earth Science Gr1014 Levels 17.4% B2.6% 100.0%

Total Count 99 5349 638
% within Earth Science Gr1014 Levels 15.5% B4.5% 100.0%

Test of Living Environment to Chemistry Regents Projections
Non-Status Students

Living Environment Gr1014 Levels * NOSTATLEtoChem11Pre Crosstabulation

MOSTATLEtoChem11Pre
Mo Yes Total

Living Environment Gr1014 Levels  Low Level 3 Count 3 15 18
% within Living Environment Gr1014 Levels 16.7% 83.3% 100.0%

Mid Level 3 Count 29 158 187

% within Living Environment Gr1014 Levels 15.5% 34.5% 100.0%

High Level 3 Count 88 512 a497

% within Living Environment Gr1014 Levels 14.2% 85.8% 100.0%

Low Level 4 Count 162 648 210

% within Living Environment Gr1014 Levels 20.0% 80.0% 100.0%

Mid Level 4 Count 115 527 642

% within Living Environment Gr1014 Levels 17.9% 82.1% 100.0%

High Level 4  Count 16 126 142

% within Living Environment Gr1014 Levels 11.3% 88.7% 100.0%

Total Count 410 1986 2396
% within Living Environment Gr1014 Levels 17.1% 32.9% 100.0%
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Test of Living Environment to Chemistry Regents Projections

Students with Disabilities

Living Environment Gr-1014 Levels * IEPLEtoChem11Pre Crosstabulation

IEFLEtoChem11Pre
Mo Yes Total
Living Environment Gr1014 Levels  Mid Level 3 Count 5 44 49
% within Living Environment Gr1014 Levels 10.2% 859.8% 100.0%
High Level 3 Count T 70 v
% within Living Environment Gr1014 Levels 91% 90.9% 100.0%
Low Leveld  Count i 1 67
% within Living Environment Gr1014 Levels 9.0% 91.0% 100.0%
Mid Level 4 Count a 45 53
% within Living Environment Gr1014 Levels 15.1% 84.9% 100.0%
Total Count 26 220 2465
% within Living Environment Gr1014 Levels 10.6% 89.4% 100.0%
Test of Living Environment to Chemistry Regents Projections
English Language Learner
Living Emaronment Gr1014 Levels * ELLLEtoChem11Pre Crosstabulation
ELLLEtoChem11Pre
Mo Yes Total
Living Environment Gr1014 Levels  Mid Level 3 Count 3 16 19
% within Living Environment Gr1014 Levels 15.8% 84.2% 100.0%
High Level 3 Count 2 14 iy
% within Living Environment Gr1014 Levels 9.5% 90.5% 100.0%
Total Count 5 a5 40
% within Living Environment Gr1014 Levels 12.5% 87.5% 100.0%
Test of Living Environment to Chemistry Regents Projections
Low Income Students
Living Emvironment Gr11014 Levels * LowincLEtoChem11Pre Crosstabulation
LowlncLEtoChem11Pre
Mo Yes Tatal
Living Environment Gr1014 Levels  Low Level 3 Count i 27 33
% within Living Environment Gr1014 Levels 18.2% 81.8% 100.0%
Mid Level 3 Count 24 154 178
% within Living Environment Gr1014 Levels 13.5% 86.5% 100.0%
High Level 3 Count 58 282 340
% within Living Ervironment Gr1014 Levels 17.1% 22.9% 100.0%
Low Leveld  Count a8 274 332
% within Living Environment Gr1014 Levels 17.5% 82.5% 100.0%
Mid Level 4 Count 42 185 237
% within Living Environment Gr1014 Levels 17.7% 82.3% 100.0%
High Level 4 Count 3 18 2
% within Living Ervironment Gr1014 Levels 14.3% 35.7% 100.0%
Total Count 181 950 1141
% within Living Environment Gr1014 Levels 16.7% 83.3% 100.0%
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Test of Chemistry to Physics Regents Projections
Non-Status Students

Chemistry Gr1115 Levels * NOSTATChemtoPhysPre Crosstabulation

MOSTATChemtoPhysPre
Mo Yes Total
Chemistry Gr1115 Levels  Mid Level 2 Count 11 58 69
% within Chemistry Gr1115 Levels 15.9% a34.1% 100.0%
High Level 2 Count 19 113 132
% within Chemistry Gri1115 Levels 14.4% 85.6% 100.0%
Low Level 3 Count 137 553 690
% within Chemistry Gri1115 Levels 19.9% 20.1% 100.0%
Mid Level 3 Count 203 819 1022
% within Chemistry Gri1115 Levels 19.9% 20.1% 100.0%
High Level 3 Count 198 822 1020
% within Chemistry Gri1115 Levels 19.4% 80.6% 100.0%
LowLevel4  Count 148 613 761
% within Chemistry Gr1115 Levels 19.4% 20.6% 100.0%
Mid Level 4 Count 110 536 646
% within Chemistry Gr1115 Levels 17.0% 83.0% 100.0%
High Level 4 Count 39 297 336
% within Chemistry Gr1115 Levels 11.6% 88.4% 100.0%
Total Count 864 3811 4676
% within Chemistry Gr1115 Levels 18.5% 81.5% 100.0%

Test of Chemistry to Physics Regents Projections
Students with Disabilities
Chemistry Gr1115 Levels * IEPChemtoPhysPre Crosstabulation

IEPChemtoPhysPre
Mo Yes Total

Chemistry Gr1115 Levels  LowLevel 3  Count 3 22 25
% within Chemistry Gr1115 Levels 12.0% 28.0% 100.0%

fid Level 3 Count 3 22 25

% within Chemistry Gr1115 Levels 12.0% 88.0% 100.0%

Total Count g 44 50
% within Chemistry Gr1115 Levels 12.0% 88.0% 100.0%

Test of Chemistry to Physics Regents Projections
Low Income Students

Chemistry Gr1115 Levels * LowincChemtoPhysPre Crosstabulation

LowincChemtoPhysPre
Mo Yes Total

Chemistry Gr1115 Levels  Mid Level 2 Count 4 k1] 34
% within Chemistry Gri1114 Levels 11.8% 88.2% 100.0%

High Level 2 Count 8 44 52

% within Chemistry Gr1115 Levels 16.4% 84 6% 100.0%

Low Lewvel 3 Count 30 172 202

% within Chemistry Gr1115 Levels 14.9% 85.1% 100.0%

Mid Level 3 Count v 200 237

% within Chemistry Gr1115 Levels 15.6% 84.4% 100.0%

High Level 3 Count 33 172 205

% within Chemistry Gr1115 Levels 16.1% 83.9% 100.0%

Low Level 4 Count 24 106 130

% within Chemistry Gr1115 Levels 18.5% 81.5% 100.0%

Mid Level 4 Count 14 64 78

% within Chemistry Gri1114 Levels 17.9% 82.1% 100.0%

High Level 4 Count 3 34 k)

% within Chemistry Gr1115 Levels 8.1% 91.9% 100.0%

Total Count 153 822 ars
% within Chemistry Gr1115 Levels 15.7% 84.3% 100.0%
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Identifying Correlations T Math

The analysis of Math-7 and Math-8 score correlations with the three mathematics Regents
test scores found a one dimensional path through the secondary mathematics tests and
courses. This year (2015) that changed as the new Common Core Algebra replaced
Integrated Algebra and Common Core Geometry was introduced and taken by some
students. Many students are now advance placed in Algebra in grade 8. A factor analysis
was conducted to explore the correlations of student scores on the Math-6 and Math-7
Assessments with the following advanced placed grade Algebra students in grade 8. An
additional factor analysis was done exploring the relationship between performance of
students who went from Math-8 to Common Core Algebra in grade 9. The factor analysis
correlation matrixes document the high degree of correlation between these tests. An
additional analysis documented the correlation in scores between students who took the
Common Core Algebra and the new Common Core Geometry. The factor analysis continues
with the correlation matrix on the connection between pre Common Core Geometry scores
and Algebra-2 Trigonometry scores.

Math-6, Math-7 and Math-8 were highly correlated (Math6 to Math7 r = .81 and Math7 to
Math8 r = .73). The correlations had to be done with Common Core levels for Math-8
students who are going on to Algebra which applies to most of grade 9 this year. The
correlation between Math-6 and Math-7 to Algebra was strong (r =.67 for Math-6 and r = 69
for Math-7 to Algebra8), the correlation between Math-8 to Integrated Algebra was nearly as
strong (r =.64). The correlation between Common Core Algebra and Geometry was no quite
as strong (r=.61). Although the correlation and the numbers of students connecting
Geometry to Algebra-2 is lower, the correlation is still strong (r=.61). The correlation matrixes
for each of the connected test scores follow below, starting with Math-6 and Algebra in grade
8.

Factor Analysis i Math-6 to the Grade 8 Common Core Algebra Regents

Correlation Matrix

cC
Mew CC AlgebraBi4
Math-6 2013 Level Mew P-
Level P-Scora Score
Cuorrelation Mew CC Math-6 2013 Lewvel P-Score 1.000 666
CC AlgebraB14 Level New P-Score GAEE 1.000
Sig. (1-tailed)  Mew CC Math-6 2013 Level P-Score .000
CC Algebrag814 Level Mew P-Score .000
Communalities
Initial Extraction
Mew CC Math-6 2013 Level P-Score 1.000 833
CC Algebragt1 4 Level New P-Score 1.000 B33

Extraction Methad: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings

Component

Total

% ofWariance

Cumulative %

Total

% ofWariance

Cumulative %

1
2

1.666
334

83.308
16.692

83.308
100.000

1.666

83.308

83.308

Extraction Method: Principal Component Analysis.
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Factor Analysis i Math-7 to the Grade 8 Common Core Algebra Regents

Correlation Matrix
ce
Algebrag14 Mew CC
Level Mew P- Math-7 2014
Scare Level P-Score
Correlation CC Algebrag14 Level Mew P-Score 1.000 6a2
Mew CC Math-7 2014 Level P-Score a2 1.000
Sig. (1-tailed) CC AlgebraB14 Level New P-Score .00o
Mew CC Math-7 2014 Level P-Score 000
Communalities
Initial Extraction
CC AlgebraB14 Level Mew P-Score 1.000 846
Mew CC Math-7 2014 Level P-Score 1.000 846

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component | Total % of Variance | Gurmulative % Total % of Variance | Gurmulative %
1 1.6592 84.603 84.603 1.682 84.603 84,603
2 308 15.397 100.000

Factor Analysis i Math-7 Common Core Scores to the Common Core Algebra Regents

Extraction Method: Principal Component Analysis.

Correlation Matrix
cc
Algehra81s Mew CC
Level New P- Math-7 2013
Score Level P-Score
Correlation CC Algebrad1 s Level
MNew P-Score 1.000 685
Mew CC Math-7 2013
Level P-Score 685 1.000
Sig. (1-tailed) CC Algebra915 Level
New P-Store 000
Mew CC Math-7 2013 000

Level P-Score

Communalities

Initial Extraction
CC Algebra915 Level
Mew P-Score 1.000 793
MNew CC Math-7 2013
Level P-Score 1.000 793

Extraction Method: Principal Component Analysis.

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.585 79.274 79.274 1.585 79.274 79.274
2 415 20.726 100.000

« DAT

Extraction Method: Principal Component Analysis.
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Factor Analysis i Math-8 Common Core Scores to the Common Core Algebra Regents

Extraction Method: Principal Component Analysis.

Correlation Matrix
cCc
Algebra91s Mew CC
Level Mew P- Math-2 2015
Score Level P-Score
Correlation CC Algehrag15 Level
Mew P-Score 1.000 638
Mew CC Math-8 2015
Level P-Score 638 1.000
Sig. (1-tailed)  CC Algebrad15 Level 000
Mew P-Score :
Mew CC Math-8 2015
Level P-Score 000
Communalities
Initial Extraction
CiC Algebrag1s Level
Mew P-Score 1.000 819
Mew CC Math-8 2015
Level P-Scare 1.000 819

Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Taotal % ofVariance | Cumulative % Taotal % ofVariance | Cumulative %
1 1.638 81.901 81.901 1.638 81.901 81.901
2 362 18.099 100.000

Extraction Method: Principal Component Analysis.

Factor Analysis i Common Core Algebra Scores to the Common Core Geometry
Regents

Correlation Matrix™

cc
CC Geometry Algebrag1d
915 Level Level Mew P-
Mew P-Score Score
Correlation CC Geometry 915 Level
Mew P-Score 1.000 T
CC Algehrag14 Level
Mew P-Score an 1.000
Sig. (1-tailed) CC Geometry 915 Level 000
Mew P-Score :
CC Algehrag14 Level 000
Mew P-Score :

a. Only cases for which Disability= 0 are used in the analysis phase.

Communalities®
Initial Extraction
CC Geometry 915 Level
MNew P-Score 1.000 861
CC Algehrag14 Level
Mew P-Score 1.000 861

Extraction Method: Principal Component Analysis.

a. Only cases for which Disahility= 0 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.7 86.056 B6.056 1.7 86.056 86.056
2 278 13.944 100.000

« DAT

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility= 0 are used in the analysis phase.
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Factor Analysis 1 Geometry Scores to the Algebra 2 - Trigonometry Regents

Correlation Matrix

Trigonometry Geometry1 01
1113 Level 4 Lavel Mew
Mew P-Score P-Score
Caorrelation Trigonometry1113 Level
Mew P-Score 1.000 603
Geometry1014 Level Mew
P-Score 609 1.000
Sig. (1-tailedy  Trigonometry1113 Level
Mew P-Score 000
Geometry1 014 Level Mew 000
P-Score :
Communalities
Initial Extraction
Trigonometry1113 Level
Mew P-Score 1.000 -804
Geometry1 014 Level Mew
P-Score 1.000 804

Extraction Method: Principal Compaonent Analysis.

Total Variance Explained

SERVICES

Regional Correlation Analysis & Research

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.605 80.440 g0.440 1.609 g0.440 g0.440
2 381 19.560 100.000
Extraction Method: Principal Compaonent Analysis.
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Partial Correlation Analysis i Mathematics

Although the factor analysis of the relationship between all of the math courses indicated that
they were strongly related, to ensure that this relationship held true for students with special
statuses. A partial correlation analysis was conducted to evaluate the strength of the
relatedness of mathematics scores among Students with Disabilities, Limited English
Proficient students/English Language Learners and Low Income students. The following
SPSS Modeler analysis tables indicate that the relationship between the Math-6 and Math-7
and the following Common Core Algebra in grade 8 scores is quite strong for all status
groups. There were 260 disabled students who took both the Math-7and 346 disabled
students who took the Math-6 followed by the Common Core Algebra Regents in grade 8
(2015). There were 57 English Language learners who took the Math-7 and 44 English
Language Learners who took the Math-6 followed by the grade 8Algebra Regents. There
were 1,296 low-income students who took the Math-7 in 2014 and 1,560 low income students
who took the Math-6 (2013) followed by the Common Core Algebra Regents in grade 8 in
2015.

There were 334disabled students who took both the Math-8 and the Algebra Regents in
grade 9. There were 298English Language learners who took both the Math-8 and the grade
9 Algebra Regents. There were 2,346low-income students who took the Math-8 in 2014 and
the Common Core Algebra Regents in grade 9 in 2015. These correlations also connect
Math-7 to Algebra performance two years later for disabled students for 841 disabled
students, 268 English Language Learners and 2,257 low income students.

Math-6 and Grade 8 Common Core Algebra Regents Correlations among
Students with Disabilities

Correlation Matrix®

cC
Mew CC Algebrag14
Math-6 2013 Level Mew P-
Level P-Score Score
Carrelation Mew CC Math-6 2013 Level P-Score 1.000 768
CC Algebra814 Level New P-Score TE8 1.000
Sig. (1-tailed) Mew CC Math-6 2013 Level P-Score .0oa
CC Algebra814 Level New P-Score 000

a. Only cases forwhich Disability= 1 are used in the analysis phase.

Communalities®

Initial Extraction
MNew CC Math-6 2013 Level P-Score 1.000 B84
CC Algebra814 Level Mew P-Score 1.000 884

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Disability=1 are usedin the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.768 88387 883597 1.768 88.397 88.397
2 232 11.603 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Disability= 1 are used in the analysis phase.
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Math-6 and Grade 8 Common Core Algebra Regents Correlations among
English Language Learners

Correlation Matrix®
o1
Mew CC Algebrag14
Math-G 2013 Level Mew P-
Level P-Score Score
Correlation MNew CC Math-6 2013 Level P-Score 1.000 BE4
CC Algebrag1 4 Level Mew P-Score BG4 1.000
Sig. (1-tailed)  MNew CC Math-6 2013 Level P-Score .0oo
CC Algebrad14 Level Mew P-Scaore .ooo

a. Only cases for which Limited English Proficient=1 are used in the analysis
phase.

Communalities®

Initial Extraction
MNew CC Math-6 2013 Level P-Score 1.000 832
CC AlgebraB14 Level New P-Score 1.000 832

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient= 0
are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings

Component Total % ofWariance | Cumulative % Total % of'Variance | Cumulative %
1 1.664 83.185 83.195 1.664 83.195 83.195
2 336 16.805 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient=1 are used in the analysis phase.

Math-6 and Grade 8 Common Core Algebra Regents Correlations among
Low Income Students

Correlation Matrix®

cC
Mew CC Algebrag14
Math-6 2013 Level Mew P-
Level P-Score Score
Correlation Mew CC Math-6 2013 Level P-Score 1.000 x|
CC AlgehraB14 Level Mew P-Score 631 1.000
Sig. (1-tailed)  Mew CC Math-6 2013 Level P-Score 000
CC Algehra814 Level New P-Score 000

a. Only cases for which Low-Income = 1 are used inthe analysis phase.

Communalities®
Initial Extraction
MNew CC Math-6 2013 Level P-Score 1.000 B1E
CC Algehrag14 Level Mew P-Score 1.000 B16

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income = 0 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofWariance | Cumulative % Total % of Variance | Cumulative %
L 1.631 81.560 81.560 1.631 81.560 81.560
2 369 18.440 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used inthe analysis phase.
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Math-7 and Grade 8 Common Core Algebra Regents Correlations among
Students with Disabilities

Correlation Matrix®
cc

Algehragi 4 Mew CC
Level Mew P- Math-7 2014
Score Level P-Score
Correlation CC Algebra815 Level New P-Score 1.000 632
Mew CC Math-7 2014 Level P-Score B3z 1.000
Sig. (1-tailed) CC Algehra815 Level Mew P-Score 000

Mew CC Math-7 2014 Level P-Score .00o

a. Only cases for which Disability=1 are used in the analysis phase.

Communalities®

Initial Extraction
CC Algebra81s Level Mew P-Score 1.000 .Bag
Mew CC Math-7 2014 Level P-Score 1.000 898

Extraction Method: Principal Component Analysis.

a. Only cases for which Disability=1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % ofVariance | Cumulative %
1 1.796 89.791 89.791 1.796 23791 89791
2 204 10.209 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability=1 are used in the analysis phase.

Math-7 and Grade 8 Common Core Algebra Regents Correlations among
English Language Learners

Correlation Matrix®
CcC
Algebrag1s Mew CC
Level Mew P- Math-7 2014
Score Level P-Score
Correlation CC Algebrag815 Level New P-Score 1.000 AT
Mew CC Math-7 2014 Level P-Score 871 1.000
Sig. (1-tailed) CC Algebra815 Level Mew P-Score 0on
Mew CC Math-7 2014 Level P-Score .oon
a. Only cases for which Limited English Proficient=1 are used in the analysis
phase.
Communalities®
Initial Extraction
CC Algebrag14 Level New P-Score 1.000 835
MNew CC Math-7 2014 Level P-Score 1.000 935

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1
are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.871 93.540 93.540 1.871 93.540 §93.540
2 129 6.460 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.
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Math-7 and Grade 8 Common Core Algebra Regents Correlations among
Low Income Students

Correlation Matrix®

cc
Algehrag1s Mew CC
Level New P- Math-7 2014
Score Level P-Score
Caorrelation CC AlgebraB15s Level New P-Scare 1.000 BE1
Mew CC Math-7 2014 Level P-Score (GE1 1.000
Sig. (1-tailed) CC Algebrad15 Level New P-Score .000
Mew CC Math-7 2014 Level P-Score .000

a. Only cases forwhich Low-Income = 1 are used in the analysis phase.

Communalities®

Initial Extraction
CC Algehrag14 Level New P-Scare 1.000 830
Mew CC Math-7 2014 Level P-Score 1.000 830

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income = 1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues Exraction Sums of Squared Loadings
Component Tatal % ofVariance | Cumulative % Tatal % of Variance | Cumulative %
1 1.661 83.034 B3.034 1.661 83.034 83.034
2 338 16.966 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income =1 are used in the analysis phase.

Common Core Math-7 and Grade 9 Common Core Algebra Regents Correlations
among Students with Disabilities

Correlation Matrix?®

cC
Algebrag1s Mew CC
Level MNew P- Math-7 2013
Score Level P-Score
Cuorrelation CC Algebra915 Level Mew P-Score 1.000 506
Mew CC Math-7 2013 Level P-Scora 506 1.000
Sig. (1-tailed)  CC Algebrad15 Level Mew P-Scaore .00o
Mew CC Math-7 2013 Level P-Score ooo

a. Only cases for which Disahility= 1 are used in the analysis phase.

Communalities®
Initial Extraction
CC Algebra915 Level New P-Score 1.000 763
Mew CC Math-7 2013 Level P-Score 1.000 753

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility =1 are used in the analysis

phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.508 75276 75.276 1.506 75,276 T5.276
2 484 24.724 100.000

« DAT

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility= 1 are used in the analysis phase.
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Common Core Math-7 and Grade 9 Common Core Algebra Regents Correlations
among English language Learners

Correlation Matrix®

cc
Algehrad1s Mew CC
Level New P- Math-7 2013
Score Level P-Score
Caorrelation CC Algebrad14 Level Mew P-Score 1.000 H44
MNew CC Math-7 2013 Level P-Scare 544 1.000
Sig. (1-tailed)  CC Algebrad15 Level New P-Scaore .000
MNew CC Math-7 2013 Level P-Scare 000

a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Communalities®

Initial Extraction
CC Algehrag15 Level Mew P-Score 1.000 q72
Mew CC Math-7 2013 Level P-Score 1.000 T72

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Limited English Proficient=1 are
used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component | Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.544 77.210 7r.210 1.544 7r.20 77.210
2 A56 22,790 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Common Core Math-7 and Grade 9 Common Core Algebra Regents Correlations

among Low Income Students

Correlation Matrix®
cC
Algehrad1s Mew CC
Level New P- Math-7 2013
Score Level P-Score
Carrelation CC Algehbrag15s Level Mew P-Score 1.000 Rl
New CC Math-7 2013 Level P-Score 559 1.000
Sig. (1-tailed)  CC Algebrad15 Level New P-Score .ooo
MNew CC Math-7 2013 Level P-Score .ooo

a. Only cases for which Low-Income =1 are used in the analysis phase.

Communalities?®

Initial Extraction
CC Algehra91s Level Mew P-Score 1.000 JT4
MNew CC Math-7 2013 Level P-Score 1.000 774

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income = 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.559 77.936 77.936 1.559 77.936 77.936
2 A4 22.064 100.000

Eutraction Method: Principal Component Analysis.

a. Only cases for which Low-Income =1 are used in the analysis phase.
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Common Core Math-8 and Common Core Algebra Regents Correlations among

Students with Disabilities

Correlation Matrix®

cC
Algehragis Mew CC
Level Mew P- Math-8 2014
Score Level P-Score
Correlation CC Algebra915 Level Mew P-Score 1.000 5949
Mew CC Math-2 2014 Level P-Score 5949 1.000
Sig. (1-tailed)  CC Algebrad15 Level Mew P-Score .0oo
Mew CC Math-2 2014 Level P-Score .000

a. Only cases for which Disability= 1 are used in the analysis phase.

Communalities®
Initial Extraction
CC Algebrad1s Level Mew P-Scare 1.000 7498
Mew CC Math-8 2014 Level P-Score 1.000 799

Extraction Method: Principal Component Analysis.
a. Only cases for which Disability= 1 are used in the analysis

phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.5499 79.931 79.931 1.5599 79.931 79.931
2 A0 20.069 100.000

Extraction Method: Principal Compaonent Analysis.
a. Only cases forwhich Disahility=1 are used inthe analysis phase.

Common Core Math-8 and Integrated Algebra Regents Correlations among
English language Learners

Correlation Matrix®
cC
Algebra91s MNew CC
Level Mew P- Math-8 2015
Score Level P-Score
Correlation CC Algehrad1 s Level New P-Score 1.000 602
Mew CC Math-8 2014 Level P-Score 602 1.000
Sig. (1-tailed) CC Algebra815 Level New P-Score .00o
Mew CC Math-8 2014 Level P-Score 000

a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Communalities™
Initial Extraction
CC Algebrad1s Level New P-Scare 1.000 (801
Mew CC Math-8 2014 Level P-Score 1.000 801

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=1 are
used inthe analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.602 B0.080 80.080 1.602 80.080 80.080
2 .398 19.920 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.
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Common Core Math-8 and Integrated Algebra Regents Correlations among
Low Income Students

Correlation Matrix®
CcC
Algebra814 Mew CC
Level Mew P- Math-8 2015
Score Level P-Score
Caorrelation CC Algehrad15s Level New P-Score 1.000 624
Mew CC Math-8 2014 Level P-Score 524 1.000
Sig. (1-tailed)  CC Algehrad15 Level New P-Score .0o0
Mew CC Math-8 2014 Level P-Score .000

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities®
Initial Extraction
CC Algebrad915 Level New P-Score 1.000 812
Mew CC Math-8 2014 Level P-Score 1.000 812

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income = 1 are used in the
analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.624 81177 81177 1.624 81177 8177
2 376 18.823 100.000

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Common Core Algebra Regents and Common Core Geometry Correlations among

Students with Disabilities

Correlation Matrix™
cc
CC Geometry Algebrag14
915 Level Level Mew P-
Mew P-Score Score
Carrelation CC Geometry 915 Level
MNew P-Score 1.000 72
CC Algebrag14 Level
New P-Score a 1.000
Sig. (1-tailed) CC Geometry 915 Level
Mew P-Score 000
CCAlgebrag14 Level 000
Mew P-Score :

a. Only cases for which Disahbility= 1 are used in the analysis phase.

Communalities®

Initial Extraction
CC Geometry 915 Lavel
Mew P-Score 1.000 861
CC Algebragt 4 Level
Mew P-Score 1.000 861

Extraction Methad: Principal Component Analysis.

a. Only cases for which Disability= 1 are used in
the analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % of¥ariance | Cumulative % Total % ofVariance | Cumulative %
1 1721 B6.056 B6.056 1.721 86.056 86.056
2 279 13.944 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahbility = 0 are used in the analysis phase.
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Common Core Algebra Regents and Common Core Geometry Correlations among
English Language Learners

Correlation Matrix®
cc
CC Geometry Algebrag14
915 Level Level Mew P-
MNew P-Score Score
Correlation CC Geometry 915 Level
Mew P-Score 1.000 726
CC Algebrag14 Level
Mew P-Score 728 1.000
Sig. (1-tailed) CC Geometry 915 Level 000
Mew P-Score :
CC Algebrag14 Level 000
Mew P-Score :

a. Only cases for which Limited English Proficient= 1 are used in the analysis
phase.

Communalities™

Initial Extraction
CC Geometry 915 Level
MNew P-Score 1.000 863
CC Algebrag14 Level
MNew P-Score 1.000 863

Extraction Method: Principal Component Analysis.

a. Only cases for which Limited English Proficient=
0 are used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.726 86.307 86.307 1.726 86.307 86.307
2 274 13,693 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Limited English Proficient= 1 are used in the analysis phase.

Common Core Algebra Regents and Common Core Geometry Correlations among
Low Income Students

Correlation Matrix®
cc
CC Geometry Algehragi4
915 Level Level New P-
MNew P-Score Score
Correlation CC Geometry 915 Level
Mew P-Score 1.000 75
CC Algebrag14 Level
MNew P-Score 715 1.000
Sig. (1-tailed) CC Geometry 915 Level
Mew P-Score {000
CC Algebrag14 Level 000
MNew P-Score :

a. Only cases for which Low-Income = 1 are used in the analysis phase.

Communalities™

Initial Extraction
CC Geometry 315 Level
MNew P-Score 1.000 858
CC Algebrag14 Level
Mew P-Score 1.000 858

Extraction Method: Principal Component Analysis.

a. Only cases for which Low-Income = 1 are used
in the analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
1 1.715 85.751 85.751 1.715 85.751 85.751
2 285 14.249 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Low-Income = 1 are used in the analysis phase.
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Non Common Core Geometry and Non Common Core Algebra 21 Trigonometry
Correlations among Students with Disabilities

Correlation Matrix®

Geometry101 Trigonometry
4 Level New 1113 Level
P-Scare Mew P-Scora
Caorrelation Geometry1014 Level Mew
P-Score 1.000 599
Trigonometry1 113 Level
Mew P-Score 599 1.000
Sig. (1-tailed)  Geometry1014 Level New
P-Score 000
Trigonometry1113 Level
Mew P-Score 000

a. Only cases for which Disahility = 1 are used in the analysis phase.

Communalities®

Initial Extraction
Geometry1014 Level Mew
P-Score 1.000 .00
Trigonometry1113 Level
Mew P-Score 1.000 800

Extraction Method: Principal Component Analysis.

a. Only cases for which Disahility= 1 are
used inthe analysis phase.

Total Variance Explained®

Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % ofVariance | Cumulative % Total % of Variance | Cumulative %
1 1.699 79.956 79.956 1.599 79.956 79.956
2 401 20.044 100.000

Extraction Method: Principal Component Analysis.
a. Only cases for which Disahility =1 are used in the analysis phase.

Non Common Core Geometry and Non Common Core Algebra 21 Trigonometry
Correlations among English Language Learners

Correlation Matrix®

Geometry101 Trigonometry
4 Level New 1113 Level
P-Score New P-Score
Correlation Geometry1014 Level New P-Score 1.000 606
Trigonometry1 113 Level Mew P-Score B06 1.000
Sig. (1-tailed)  Geometry1014 Level Mew P-Scare .ooo
Trigonometry1113 Level New P-Score .ooo

a. Only cases forwhich Limited English Proficient=1 are used in the analysis
phase.

Communalities®

Initial Extraction
Geometry1014 Level New
P-Score 1.000 803
Trigonometry1113 Level
MNew P-Score 1.000 803

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Limited English
Proficient= 0 are used in the analysis

phase.
Total Variance Explained®
Initial Eigenvalues Extraction Sums of Squared Loadings
Component Total % of Variance | Cumulative % Total % of Variance | Cumulative %
L B 1.606 80.309 80.309 1.606 80.309 80.309
2 354 19.691 100.000

Extraction Method: Principal Component Analysis.
a. Only cases forwhich Limited English Proficient=1 are used in the analysis phase.
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Non Common Core Geometry and Non Common Core Algebra 21 Trigonometry
Correlations among Low Income Students

Correlation Matrix®

Geometry1 01 Trigonometry
4 Level Mew 1113 Level
P-Score Mew P-Score
Carrelation Geometry1014 Level Mew
P.Scare 1.000 Rtz 5]
Trigonometry1113 Level
Mew P-Score Ral:]s] 1.000
Sig. (1-tailed) Geometry1014 Level MNew 000
P-Score :
Trigonometry1113 Level 000
Mew P-Score :

a. Only cases forwhich Low-Income =1 are used in the analysis phase.

Communalities®

Initial Extraction
Geometry1014 Level Mew
P_Scare 1.000 .raa
Trigonometry1 113 Level
Mew P-Score 1.000 798

Extraction Method: Principal Component Analysis.

a. Only cases forwhich Low-Income =1 are

used in the analysis phase.

Total Variance Explained®

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component Total % ofVariance | Cumulative % Total % ofVariance | Cumulative %
1 1.686 T9.785 TH.785 1.596 TH.785 TH.785
2 404 20.215 100.000
Extraction Method: Principal Component Analysis.
a. Only cases forwhich Low-Income = 1 are used in the analysis phase.
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Predictive Analytic Tests/Processes-Mathematics

Rule Induction Tests

Because the dependent or target variables in the study are the interval variables - leveled
percentile outcomes on specific Regents tests (Integrated Algebra, Geometry and Algebra 2 -
Trigonometry), the Rule Induction Test used to develop predictions based upon Math-7 and
Math-8 data was the Neural Net. The first image below is the data stream test for the
prediction of Geometry from prior Integrated Algebra P-scores on the left and the prediction
of Trigonometry on the right of t haendicatea g e .
successful prediction using the prior designated test data as well as Students with
Disabilities, English Language Learners statuses. The following Modeler Neural Net Chart
indicates the relative prediction significance of the prior test P-Scores, Students with
Disabilities status, English Language Learners status and Low Income status in the
prediction. The bottom portion of the data stream image displays the path that starts with
Math-6 or Math-7 scores and follows with grade 8 Common Core Algebra, and later Math-7
or Math-8 leading to Common Core Algebra in grade 9. The successful prediction of the
Common Core Algebra Regents scores is disproportionately based upon Math-7 and Math-8
scores, however, Students with Disabilities status and English Language Learners status play
a significant role.

Math-6, Math-7and Math-8 to Grade 8 Common Core Algebra, Geometry and Algebra2

[Grade 8CCAgebra |/ gy Math-6 to Grade 8 CC Algebra
-l ! o h_.u &’
-A> e, | O ) o mmmmmmhamEm T
i’ " w
Type g ewPScore
) yp CCAlg815NewPS
\L, _o ) CCAIgB15NewPScore |I|.Ialh—? to Grade 8 CC Algebra |
RCA2013t02015Math6to.. [ _ma b
—h> \‘ _____ _E: y *
Type f* i CCAlg815NewPScore
CCAlg815MNewPScore
— -~ [Math-7 to Grade 9 CC Algebra |
-H-> -. -__) o
[Grade 9CC Aigebra “A> ) Se
Type CCAlg915NewPScore CCAlg915MNewPScore
- o> | Math-8 to Grade 9 CC Algebra |
ﬁ ::: .\* ------- h & *’
RCAZ2012MathBioMgGeo.. Type f* CCAlg915MewPScore
CCAIgI15He
| CC Algebra-8 to Grade 9 CC Geometry
-
Grade 9 CC Geometry ] -m> i 4
-4 =____—_-h" ﬁ% ______ -~ y &
Type CCGeo915NewPScore
CCGeo915NewPScore
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RCAZ2012Math6t Geo.. Type CCAlg915NewPScore

T %

CCAlga15Ne
| CC Algebra-8 to Grade 9 CC Geomelry

) ) e e Ak

Type CCGeo915MNewPScore
CCGeo915MNewPScore

Grade 10 CC Geometry ]

[oc Algebra-9 to Grade 10 CC Geomelry ]

+'='--—-h-@ ________ — J--N

RCA2011Math6toGeo101.. Type CCGeo1015MewPScore
CCGeo1015NewPScore

[Algebraz (Trig) From Pre CC Geometry ]

_..___@ _______ — R

GMTRIGMewPScore

RCA2011to2015ELA&SC. Type G11TRIGNewPScore
Math-6 to Common Core Algebra-8 Relative Prediction Significance

Predictor Importance
Target: CC Algebra814 Level New P-Score

Mew CC Math-6
2013 Level P- !
Score . . : !
Limited English i i i i
Proficient : : 0 :
Low-Income
Disabiliw] : : : :
i i i i
00 0.2 0.4 06 08 10
[NewCCMathG13PScore|
/ ¢
Least Important Most Important
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Math-7 to Common Core Algebra-8 Relative Prediction Significance

Predictor Importance
Target: CC Algebra814 Level New P-Score

Mew CC Math-7
2014 Level P-
Score
Limited English ! ! ! !
Proficient 0 0 0 0
Low-Incame
Disability :| 5 5 5 5
i i | |
oo oz 04 06 0.8 10
[NewCCMath7 14F Scare|
{ I FJ
Least Important Most Important

Math-7 to Grade 9 Common Core Algebra Relative Prediction Significance
Predictor Importance
Target: CC Algebra915 Level New P-Score

Mew CC Math-7
2013 Level P-
Score
Low-Income
Disabkility ; i ; ;
Limited English
Proficient ! ! ! !
i i | |
0.0 0.2 04 06 08 1.0
[MewCCMathT 13PScare|
f | H
Least Important Maost Important
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Math-8 to Grade 9 Common Core Algebra Relative Prediction Significance

Predictor Importance
Target: CC Algebra915 Level New P-Score

Mew CC Math-8
2015 Level P- :
Score . : : !
Limited English | i : |
Proficient ! : : :
Low-Incame
Disability i i i i
| i i i
0.0 0.2 0.4 0.6 0.5 1.0
[MewCCMath@14P Scare]
! | fJ
Least Important Most Important

Grade 8 Common Core Algebra to Grade 9 Geometry

Predictor Importance

Target: CC Geometry 915 Level New P-Score

CC Algebradgt4
Level Mew P-Scare

Disahility

Limited English

Proficient ]
Low-Income ]
0.0 0.2 0.4 0.5 0.8 1.0
[CCAIgE14NewPScore
f | fJ
Least Important Most Important
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Grade 9 Common Core Algebra to Grade 10Geometry

Predictor Importance

Target: CC Geometry 1015 Level New P-Score

CC Algehrag14
Level Mew P-Score

Limited English

Proficient
Disabilit‘gr:| 0 0 0 0
Low-Income :|
i i | |
0o 02 04 oG 0s 1.0
[CCAIgE14NewP Scare|
f | |
Least Important Mast Important

Geometry-10 to Trigonometry-11
Predictor Importance

Target: Trigonometry1113 Level New P-Score

Geometry1014
Level Mew P-Score
Limited Enalish : i | 5
Proficient i : : 0
Low-Income 0 : : 0
Disahility :|
i i i |
0.0 0.2 04 0.6 0.8 1.0
[10GEONewPScore
r |
Least Important Maost Important
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Establish Rule Sets for Mathematics Projections

Modeler includes a series of predictive analytic statistical models that allow the setting of rule
sets or conditions for the determination of a successful prediction. The C5.0 model was used
in rule setting for evaluation of predictions. It simplifies the complexity of the data by
identifying target cases that do not meet the pre-established rules. Sub-levels were
introduced into the predictive model so that future scores would be predicted based upon the
scores of students in short score ranges separately for non-status students, Students with
Disabilities, Limited English Proficiency students/English Language Learners and Low
Income students. Two related sets of predictions were generated to set high and low
predictions with different rates of confidence.

The followingtwor ul es wer e us-edd®opr e tnmthdmaticgskores dn
the Common Core Algebra, Geometry and Trigonometry Regents. Rule 1 = Rule 1, applies
to each sub-level group and each status group including students with disabilities, English
Language Learners and Low Income students. Rule 2 = Projections will not be supported
unless at least 100 students or more connect the two tests for any status group. The
prediction is essentially determined at the top end of the predictive range by the mean
average performance of students in prior performance sub-levels on the Math-6, Math-7 or
Math-8 Assessments.

The following three rules were used forthei | @ w d 0 p r e ddororhonh GonesAlgabifa,
Common Core Geometry and Trigonometry Regents results from prior scores. Rule 1 = 80%
or more of all target cases should be equal to above the minimum projection for all sublevel
groups based upon prior scores. Rule 2 = Rule 1 applies to each sub-level group and each
status group including Students with Disabilities, English Language Learners and Low
Income students. Rule 3 = Projections will not be supported unless at least 100 students or
more connectthet wo tests for any sndbuprgiecpi onfharel
expanding the confidence interval to ensure that the target of 80% successful prediction for
each short score range from the prior test. If there were fewer than 20 students in any sub-
level group from the prior test, the generated projection was suppressed in the projection
tables to ensure that projections were based upon representative clusters of students.

Generating Projections

Using the rule sets described above the projections below were exported into Excel. The first
projections are from Math-6 and Math-7 sub-levels to grade 8 Common Core Algebra. The
Common Core Algebra Regents scores have been converted to equivalent scale scores for
use as projections for similar students. Once the high and low projections were generated a
mid-point projection was added in order to give the end-user a range from low to high to
establish student performance targets.
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Testing Projections

After the projections were written to the regional longitudinal data file for all students who took

the Math-6, Math-7, Math-8, Common Core Algebra, or Geometry Regents and a following

mat hemati cs Regent s, t keen dndo sptr oc cencst e rovnast iweer efi |vaal
series of tables in the SPSS Modeler that identified successful predictions and unsuccessful

predictions. In each of the tables below the counts and percentagesi n t he Ayeso col
identifies the rate of that actual student outcomes on the target test were at or above the

projection for the relevant sub-level group. The projections are validated when the successful

prediction rate is 80% or higher for every sub-group with a projection.

Test of Math-6 to the Common Core Algebra Regents Projections

Non-Status Students
New Math-6 2013 Sub Levels * NOSTATM6toCCBALGPre Crosstabulation

NOSTATMGtoCCBALGP e
Mo Yes Total

Mew Math-6 2013 Sub Levels  Mid Level 1 Count [i} 25 k)|
% within Mew Math-6 2013 Sub Levels 19.4% 80.6% 100.0%

High Level 1  Count 9 104 13
% within Mew Math-6 2013 Sub Levels 8.0% 92.0% 100.0%

Low Level 2 Count 21 214 235
% within Mew Math-6 2013 Sub Levels 2.9% 91.1% 100.0%

Mid Level 2 Count 23 312 335
% within Mew Math-6 2013 Sub Levels 6.9% 93.1% 100.0%

High Level 2 Count 59 623 682
% within Mew Math-6 2013 Sub Levels 8.7% 91.3% 100.0%

Low Level 3 Count 42 507 5449
% within Mew Math-6 2013 Sub Levels T7% 92.3% 100.0%

Mid Level 3 Count 77 423 500
% within Mew Math-6 2013 Sub Levels 15.4% 84.6% 100.0%

High Level 3 Count 139 569 708
% within Mew Math-6 2013 Sub Levels 19.6% 80.4% 100.0%

Low Level 4  Count 110 610 720
% within Mew Math-6 2013 Sub Levels 16.3% 84.7% 100.0%

Mid Level 4 Count 107 464 571
% within Mew Math-6 2013 Sub Levels 187% 81.3% 100.0%

High Level 4  Count 48 188 246
% within Mew Math-6 2013 Sub Levels 19.5% 80.5% 100.0%

Total Count 641 4049 4690
% within Mew Math-6 2013 Sub Levels 13.7% 86.3% 100.0%

Test of Math-6 to the Common Core Algebra Regents Projections
IEP-Status Students
New Math-6 2013 Sub Levels * IEPM6toCCBALGPre Crosstabulation

IEPMEtoC CBALGP e
Mo Yes Total

Mew Math-6 2013 Sub Levels  Mid Level 1 Count 11 56 67
% within Mew Math-§ 2013 Sub Levels 16.4% 83.6% 100.0%

High Level 1 Count 10 84 94

% within MNew Math-6 2013 Sub Levels 10.6% 89.4% 100.0%

LowLevel 2 Count 4 51 a5

% within Mew Math-6 2013 Sub Levels 7.3% 92.7% 100.0%

Mid Level 2 Count 2 35 7

% within Mew Math-§ 2013 Sub Levels 5.4% 94.6% 100.0%

High Level 2 Count 2 35 kN

% within Mew Math-6 2013 Sub Levels 5.4% 94 6% 100.0%

Total Count 24 261 2490
% within Mew Math-§ 2013 Sub Levels 10.0% 90.0% 100.0%
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Test of Math-6 to the Common Core Algebra Regents Projections
Low Income-Status Students
New Math-6 2013 Sub Levels * LowincM6toCCBALGPre Crosstabulation

LowlincMEtoCCBALGPe
Mo Yes Total
Mew Math-6 2013 Sub Levels  Mid Level 1 Count 19 T4 93
% within Mew Math-6 2013 Sub Levels 20.4% 79.6% 100.0%
High Level1  Count 3 151 182
% within Mew Math-6 2013 Sub Levels 17.0% 83.0% 100.0%
Low Level 2 Count 20 144 164
% within Mew Math-8 2013 Sub Levels 12.2% 87.8% 100.0%
Mid Level 2 Count 15 182 207
% within Mew Math-8 2013 Sub Levels 7.2% §92.8% 100.0%
High Level 2 Count 15 22§ 244
% within New Math-6 2013 Sub Levels 6.1% §93.9% 100.0%
LowLevel 3 Count 14 132 146
% within Mew Math-6 2013 Sub Levels 9.6% 50.4% 100.0%
Mid Level 3 Count ] 118 124
% within Mew Math-6 2013 Sub Levels 4.0% 96.0% 100.0%
High Level 3 Count 26 124 150
% within Mew Math-6 2013 Sub Levels 17.3% B2.7% 100.0%
Low Level 4 Count 23 96 119
% within Mew Math-8 2013 Sub Levels 19.3% 80.7% 100.0%
Mid Level 4 Count 22 72 94
% within Mew Math-6 2013 Sub Levels 23.4% T6.6% 100.0%
High Level 4  Count 7 26 33
% within Mew Math-6 2013 Sub Levels 21.2% 78.8% 100.0%
Total Count 147 1359 1556
% within Mew Math-6 2013 Sub Levels 12.7% 87.3% 100.0%
Test of Math-7 to the Common Core Algebra Regents Projections
Non-Status Students
New Math-7 2014 Sub Levels * NOSTATM7toCCBALGPre Crosstabulation
MOSTATMTtoCCBALGPe
Mo Yes Tatal
Mew Math-7 2014 Sub Levels  Mid Level 1 Count 7 a7 a4
% within Mew Math-7 2014 Sub Levels 13.0% B7.0% 100.0%
High Level1  Count 10 9 101
% within Mew Math-7 2014 Sub Levels 9.9% 90.1% 100.0%
Low Level 2 Count 12 145 157
% within Mew Math-7 2014 Sub Levels 7.6% 92.4% 100.0%
Mid Level 2 Count 15 228 243
% within Mew Math-7 2014 Sub Levels 6.2% §93.8% 100.0%
High Level 2 Count 2 368 3ge
% within Mew Math-7 2014 Sub Levels 5.4% 94.6% 100.0%
Low Level 3 Count 24 471 495
% within Mew Math-7 2014 Sub Levels 4.8% 95.2% 100.0%
Mid Level 3 Count 70 618 6a8
% within Mew Math-7 2014 Sub Levels 10.2% B9.8% 100.0%
High Level 3 Count 102 719 221
% within Mew Math-7 2014 Sub Levels 12.4% B7.6% 100.0%
Low Level 4 Count 94 521 615
% within Mew Math-7 2014 Sub Levels 15.3% 84.7% 100.0%
Mid Level 4 Count 59 275 334
% within Mew Math-7 2014 Sub Levels 17.7% 82.3% 100.0%
High Level 4  Count 20 113 133
% within Mew Math-7 2014 Sub Levels 15.0% B5.0% 100.0%
Total Count 434 3596 4030
% within Mew Math-7 2014 Sub Levels 10.8% 89.2% 100.0%
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Test of Math-7 to the Common Core Algebra Regents Projections
IEP-Status Students

New Math-7 2014 Sub Levels * IEPM7toCCBALGPre Crosstabulation

IEPMT10CCBALGPe
Mo Yes Total

Mew Math-7 2014 Sub Levels  Mid Level 1 Count 13 55 68
% within Mew Math-7 2014 Sub Levels 19.1% 830.9% 100.0%

High Level1  Count i 63 69

% within Mew Math-7 2014 Sub Levels B.7% 91.3% 100.0%

Low Level 2 Count 1 28 28

% within Mew Math-7 2014 Sub Levels 34% 96.6% 100.0%

Mid Level 2 Count 1 22 23

% within Mew Math-7 2014 Sub Levels 4.3% 95.7% 100.0%

High Level 2 Count 0 20 20

% within Mew Math-7 2014 Sub Levels 0.0% 100.0% 100.0%

Total Count 21 188 209
% within Mew Math-7 2014 Sub Levels 10.0% 90.0% 100.0%

Test of Math-7 to the Common Core Algebra Regents Projections
LEP-Status Students

New Math-7 2014 Sub Levels * ELLM7toCC8ALGPre Crosstabulation

ELLMTtoCCBALGPre
Mo Yes Total
Mew Math-T7 2014 Sub Levels  Mid Level1  Count 3 20 23
% within New Math-7 2014 Sub Levels 13.0% 87.0% 100.0%
Total Count 3 20 23
% within Mew Math-7 2014 Sub Levels 13.0% 87.0% 100.0%

Test of Math-7 to the Common Core Algebra Regents Projections
Low Income-Status Students
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